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Commuting, job change, and residential relocation significantly impact workers’ quality of life,
labor market dynamics, and urban planning. Furthermore, commuting also relates to life events
within the household, especially those related to spatial choices, but existing research often
overlooks the intricacies of the dynamic behaviors and responses to these events. This study
explores how job changes and residential relocations impact commuting times within married
couples, contributing to the literature on commuting, job mobility, and household decision-
making dynamics. Using data from the Panel Study of Income Dynamics (2011-2019), we
examine patterns in commuting times following job transitions. Our findings reveal that when
husbands change jobs, their commuting time generally decreases, while wives’ commuting times
remain largely unaffected. Conversely, wives experience an increase in commuting time upon
changing jobs, only if the job change leads to a higher wage. In cases where both spouses change
jobs simultaneously, the husband’s commuting time rises significantly, whereas the wife’s
commuting time shows no change. This research provides new insights into the joint decision-
making processes within households, emphasizing the interplay between job changes and
commuting behavior at the household level. These findings hold implications for policies aimed at
supporting equitable access to well-connected job opportunities, particularly to accommodate
longer commutes associated with specific job changes, while considering the distinct commuting
patterns of dual-earner households.

1. Introduction

This paper investigates the commutes of individuals in couples, exploring the interplay between the commuting times of both
partners. The primary emphasis is on understanding how commuting time is influenced by changes in one’s job and the job changes of
the spouse, as well as by residential relocation, from a household-level perspective. The study utilizes panel data from the Panel Study
of Income Dynamics (PSID), a household survey spanning the years 2011-2019. Commuting to/from work is one of the most important
trips in the everyday mobility of workers, and trends suggest that commuting times and distances are increasing in many developed
countries (Kirby and LeSage, 2009; Gimenez-Nadal et al., 2022). For instance, in the US the average worker spends about 50 min per
day commuting (Gimenez-Nadal et al., 2021).!

* Corresponding author.

E-mail addresses: ngimenez@unizar.es (J.I. Giménez-Nadal), jamolina@unizar.es (J.A. Molina), jvelilla@unizar.es (J. Velilla).
! These figures have been changed somewhat by the increase in working from home practices (Barrero et al., 2023).
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The analysis of commuting behavior is important, as long commutes have many negative consequences for workers, firms, and
society, which may vary by types of households and workers. Longer commutes are associated with decreased subjective health (Kunn-
Nelen, 2016), lower psychological wellbeing (Roberts et al., 2011; Dickerson et al., 2014), and low levels of “instant enjoyment”
(Kahneman and Krueger, 2006). Other authors have found that longer commutes are related to high levels of stress (Gottholmseder
et al.,, 2009; Wener et al., 2003; Frey and Stutzer, 2008), and to increased sickness absenteeism (Van Ommeren and Gutiérrez-i-
Puigarnau, 2011). For firms, longer commutes are related to decreased worker productivity (Grinza and Rycx, 2020) and increased
shirking behaviors (Ross and Zenou, 2008), and firms are often expected to compensate workers with wage premia for their long
commutes (Leigh, 1986; Ross and Zenou, 2008; Ruppert et al., 2009; Mulalic et al., 2014). Furthermore, modes of commuting have
significant environmental and social impacts. For instance, commutes by motorized travel modes are closely tied to emissions and
congestion during peak hours, which contribute to air pollution and reduced quality of life in urban areas (Coria and Zhang, 2015,
2017; Long and Szeto, 2019; Vosough et al., 2020). These effects underscore the need for sustainable transportation policies that can
help mitigate these negative outcomes.

Despite these costs of long commuting, there are also benefits to commuting. For example, commuting provides workers with a
transition period between work and their personal lives, as recent research has concluded that work from home blurs the barriers
between work and non-work activities, ultimately affecting workers’ wellbeing (Fujiwara et al., 2020; Ruiz et al., 2021). Commuting is
also linked to higher wages, as firms often pay compensating wages in exchange for long commutes (e.g., Ross and Zenou, 2008; Fu and
Ross, 2013), and to higher rates of homeownership (Morris and Zhou, 2018). Furthermore, for firms, commuting allows them to attract
employees from wide geographical areas, and long commutes relate to career promotion (Sandow and Westin, 2010), increasing the
access to skills and expertise, which could ultimately benefit the firm’s performance.

Although commuting has been studied by several authors, with some degree of consensus regarding certain factors affecting or
being affected by commuting, it is a complex phenomenon in which many elements come into play and, as such, remains relatively
unexplored (van Ommeren and van der Straaten, 2008). One factor that has often been related to commuting behaviors is family, and
several authors have documented a gender gap in commuting time and commuting distance.” Commuting also relates to household
composition (McQuaid and Chen, 2012; Neto et al., 2015), and commuting time is considered a shock to worker time allocations (Ross
and Zenou, 2008).

Despite extensive recognition in the scholarly literature of the importance of intra-household factors, many studies have pre-
dominantly relied on cross-sectional data, overlooking the complexities of dynamic commuting behaviors within household contexts.
On one hand, commuting is determined by lifecourse events related to spatial choices such as residential relocation, but also to others
such as changes in family composition or retirement, which inevitably shape travel behavior in general terms (Beige and Axhausen,
2017). On the other hand, long commutes can create strains by reducing the time available for family responsibilities, household labor,
and caregiving (Giménez-Nadal and Molina, 2016). This time limitation often requires other household members to adjust their
schedules and workloads, potentially leading to imbalances or increased stress, especially if caregiving responsibilities are unequally
distributed (e.g., Aguiar and Hurst, 2007). Additionally, the psychological toll of long commutes, such as stress or fatigue (Frey and
Stutzer, 2008), can also affect household interactions and the emotional environment at home, impacting the wellbeing of all
members.

Despite this, the empirical literature often overlooks the intricacies of the dynamic behaviors and responses to these events, due to
the scarcity of detailed longitudinal household data. The analysis of commuting as an evolving process within households has been
limited, largely due to a scarcity of longitudinal data that can capture changes over time. This gap has led to an emphasis on indi-
vidualistic or static characterizations of commuting, as noted by Gimenez-Nadal et al. (2021). However, studying commuting at the
household level is critical, given that spousal workplace locations and household decisions significantly shape individual commuting
behaviors and responses to job changes (Beige and Axhausen, 2017; Ma et al., 2025).

Within this framework, our primary objective relates to the limited literature examining the relationship between changes in job
situations, residential relocation, and commuting times from a household perspective and using longitudinal data, analyzing both
husbands and wives in two-member households. In doing so, we also compare how the commuting time responses to job changes may
differ between husbands and wives, which is our secondary objective. We utilize panel data from the PSID covering the period from
2011 to 2019. To disentangle the potential influence of residential relocations, often concurrent with job changes, we net out resi-
dential moving when it occurs near in time to job changes, and we analyze residential moving and job changes when they occur
simultaneously in the mid-run. Additionally, we control for demographics and household characteristics, isolating both observable and
unobservable sources of heterogeneity.

We contribute to the empirical analysis of commuting times within the context of households, with a primary focus on changes in
the commuting times of both husbands and wives driven by spouses’ job changes, and by household residential relocation. Although
the relationships between worker commuting behavior, job change, and residential relocation have already been analyzed, to the best
of our knowledge, this is the first analysis of commuting time and residential/job relocation at the household level and using longi-
tudinal data that allows to study changes in commute duration and to account for unobserved factors. The combination of this
household-level approach with a panel database enriches our understanding of the dynamics of husband and wife commuting be-
haviors (particularly commuting times) and their interplay, an aspect that has been considered important but has received limited
attention compared to studies of individual worker commuting time based on static cross-sectional data.

2 See, for instance, White (1986), Scheiner (2010), Roberts et al. (2011), McQuaid and Chen (2012), Albert et al. (2019), Le Barbanchon et al.
(2021), and Gimenez-Nadal et al. (2022).
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The rest of the paper is structured as follows. Section 2 reviews existing research on commuting and residence and job change, and
Section 3 shows the conceptual framework. Section 4 describes the data and variables. Sections 5 and 6 show the empirical strategy
and the results, respectively. Finally, Section 7 discusses our results, and Section 8 concludes.

2. Literature review

Commuting is a phenomenon related to other worker time allocations (Iwata and Tamada, 2014; Gimenez-Nadal et al., 2018b),
subjective wellbeing (Dickerson et al., 2014), employment characteristics (van Ommeren and van der Straaten, 2008; Gimenez-Nadal
etal., 2018a; Albert et al., 2019), gender roles (Sandow and Westin, 2010; Oreffice and Sansone, 2023), urban forms (Manning, 2003;
Gobillon et al., 2007; van Acker and Witlox, 2011), and the business cycle (Kim and Horner, 2021), among others.” In the next
subsections, we review the relevant literature on the determinants of commuting, i.e., general factors that relate to commuting
behavior and more specifically commuting time; on life course events that relate to changes in commuting time, with a focus on job and
residential relocation; and on household level studies on commuting time.

2.1. Determinants of commuting time

Commuting behavior in general terms, and commuting time in particular, is related to several socio-demographic and economic
worker attributes, such as gender, education, wages, and other time allocation. For instance, the literature has concluded that males
usually spend more time commuting to/from work than females, even when controlling for several observable characteristics, which
may reflect preferences as well as time constraints from household and caregiving responsibilities discussed below; see Gimenez-Nadal
et al. (2022) for a recent review. Other authors have concluded that highly educated workers may look for specific jobs that are far
from their workplaces, which typically involve a longer commute distance (e.g., Ross and Zenou, 2008; Dargay & Clark, 2012), as well
as longer commuting time (Gimenez-Nadal et al., 2018b), as specialization and skill matching enlarges the relevant job-search radius,
raising expected commuting distance and time.” Relatedly, many studies have found a positive relationship between wages and
commuting (see Gimenez-Nadal et al. (2018b) and Wong et al. (2020) for recent studies in the US), and some models assume that
commuting time is a shock to workers’ time allocation, which ultimately reduces the time available for other activities (Ross and
Zenou, 2008), in line with the results in the US by Gimenez-Nadal et al. (2018b). This is consistent with compensating differentials,
whereby higher pay offsets the time cost of longer commutes.

Other household characteristics that relate to commuting time include available transportation modes or family composition. For
instance, the presence of children often reduces commuting time for women due to caregiving responsibilities (Lee and McDonald,
2018) and can moderate the impact of commuting time on work hours (Carta and De Philippis, 2018). This reflects the need for
mothers to remain closer to home, adjusting labor supply and commuting choices to accommodate childcare due to time constraints.
Additionally, married workers tend to have shorter commutes compared to single workers (Roberts et al., 2011), as marriage may
increase the value of time spent at home, encouraging residential or job choices that limit commuting. See McQuaid and Chen (2012)
for an exploration of commuting times and worker socio-demographic/economic attributes.

Commuting is also closely linked to the built environment. In traditional urban models, such as the monocentric (Alonso, 1964;
Mills, 1967; Muth, 1969) or polycentric (Knox and McCarthy, 2005) models, commuting distance is determined by the trade-off
between the cost of commuting, which rises with distance from the business district, and the benefits of living in affordable resi-
dential areas, typically in the cities’ peripheral areas in the US.® That trade-off shapes commuting time through its effects on distance
and feasible modes. Because commuting time is a product of commuting distance, commuting modes, and other factors, commuting
time is also partially determined by such a trade-off.® However, commuting should be considered in the context of evolving urban
forms, where suburbanization, housing development, and the dynamic redistribution of employment shape commuting (see Ta et al.
(2022) for a literature review). These processes change the relative location of jobs and residences, which in turn modifies commuting
distances and times.

Access to transport infrastructure plays a pivotal role in shaping commuting time, influencing how far and by what means people
are willing to travel for work, and accessible public transit and bike-friendly infrastructure can reduce commute times, in line with the
results by Lunke et al., (2023) for Norway. Kent et al. (2019) analyze commuting time in Australia and conclude that inadequate or
poorly designed transport systems can lead to car dependency, longer commuting times, and traffic congestion. The mechanism is that
better transport networks expand the set of feasible jobs within an acceptable commuting threshold, while poor infrastructure imposes
limits to worker choices. This is especially relevant in dense urban areas, where travel times by public transit are longer than travel
times by private vehicle (Liao et al., 2020). In addition, topography, natural obstacles, and city geography play a crucial role in shaping
commuting times, as Ceder et al. (2015) find that geographic features (e.g., rivers or hills) can lead to less direct routes for commuters,

3 See recent literature reviews by Picard et al. (2018), Naess et al. (2019), and Kim and Horner (2021).

4 Because commuting duration is affected by travel modes and other factors, time is likely to vary less across sociodemographic attributes than
distance.

5 See recent studies by Huai et al. (2021) and Liotta et al. (2022).

6 An important aspect of commuting time is workers’ personal preference for travel mode. We do not focus on preferences for travel mode, as the
PSID does not have information on travel mode or preferences toward specific modes, which we acknowledge as a limitation.
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compared to flat areas in which transit systems can be more easily optimized. Such physical constraints highlight that commuting
patterns are not only the result of household or worker decisions but also of the spatial environment in which these decisions are made.

2.2. Life events and commuting time

Commuting behaviors relate to lifecourse events, such as decisions related to the household composition (e.g., getting married or
having children). For example, Gimenez-Nadal et al. (2018a) find that those living in a couple spend more time commuting than their
single counterparts in the US. This may occur because couples must coordinate two job locations and a single residence, which reduces
flexibility and can increase commuting distances. McQuaid and Chen (2012) find that having kids (as well as the age of the youngest
kid) relates to reduced commuting time in the UK, and similar results for Germany, the US and Korea are found in Scheiner (2016),
Gimenez-Nadal et al. (2018a), and Lee and McDonald (2018), respectively. These findings suggest that the need to care for children
limits the willingness of parents, especially mothers, to accept distant jobs. Despite that, Neto et al. (2015) conclude that this negative
correlation is especially relevant among mothers in Brazil, and Zhao and Zhang (2018) find that having kids encourages car use for
commuting purposes in China. This highlights that the mechanism linking children and commuting can differ across contexts, either
reducing travel time through job choices closer to home or increasing reliance on private transport to manage family responsibilities.

Besides those kinds of life events, commuting change is crucially determined by other lifecourse events related to spatial choices,
such as residential relocation or employment relocation (e.g. job changes), which inevitably shape travel behavior in general terms,
and commuting in particular (Clark et al., 2003; Beige and Axhausen, 2017; Ma et al., 2025). For instance, Clark et al. (2003) conclude
that households often reduce commuting distances after moving, especially when the initial separation between residence and
workplace is large, while Beige and Axhausen (2017) find empirically said result in Switzerland. By contrast, job changes typically
extend commuting distances, particularly when education or employment transitions occur (Beige and Axhausen, 2017; Ma et al.,
2025). However, the empirical literature has predominantly focused on individual worker-level and/or cross-sectional analyses, often
overlooking the intricacies of the dynamic behaviors and responses to these events, hindered by the scarcity of detailed longitudinal
household data. This reliance on static approaches means that the adjustments households make over time, for example in response to
simultaneous changes in jobs and residences, are not fully captured. Furthermore, to the best of our knowledge the literature has
focused mostly on commuting distance and commuting modes, and not on commuting time, even though commuting time is more
important from the workers’ perspective as it directly reflects the actual effort and inconvenience of the commute, reflecting practical
constraints on worker daily time allocation.

The intricate relationships between commuting patterns and shifts in job and residence locations are well-established across fields
such as economics, geography, urban planning, and engineering. In an exploration of the interplay between commuting and job
changes, van Ommeren et al. (1997, 1999) developed a search model in which employed individuals actively pursue better job and
housing situations, receiving distinct offers for both employment and residence. Within this framework, individuals may be more
inclined to accept longer commutes if offered compensating wages. However, given the potential for residential relocation,
compensating wages do not necessarily need to fully offset commuting costs, as the prospect of changing residence offsets the increased
commuting burdens. This dynamic interplay creates a complex relationship between jobs and residential changes, collectively
influencing commuting distance and then also commuting time. The authors further suggest that job transitions are generally more
frequent than residential relocations, largely due to the higher costs associated with the latter, particularly for homeowners, while
renters exhibit higher mobility rates due to typically lower moving costs (van Ommeren et al., 1999).

The empirical findings of van Ommeren et al. (1997) for the Netherlands indicate that commuting distance negatively relates to job
arrival rates, and that workers’ behavior aligns with a search for better options of jobs and residences. Van Ommeren et al. (1999) find
that there is not a significant relationship between residential mobility and job changes in the Netherlands, nor is there one between
commuting distance on one hand, and residential mobility and job changes on the other hand. In a related study, van Ommeren et al.
(1998) extend their job search model to two-earner households, demonstrating that the distance between spouses’ workplaces and
both spouses’ commuting distances significantly impacts job change.

More recently, several authors have analyzed the relationships amongemployment, residential relocation, and commuting
behavior. An important branch of the existing literature has focused on travel modes, and there is some consensus that both job
transitions and residential moving shape transportation modes significantly (Schoenduwe et al., 2015), as changes in workplace or
residence often require individuals to reconsider the mode of travel that best fits the new distance or location. However, the impact is
heterogeneous and depends on car ownership (Haque et al., 2019), and on distances with respect to the new residence, as some re-
locations relate to increased use of private vehicles (e.g., those to suburban neighborhoods (Tao et al., 2023a)), while others relate to
public transit. Evidence from the UK and Switzerland indicates that changes in travel mode are especially pronounced when the
distance to work becomes shorter after a relocation, with individuals more likely to abandon car use in favor of public transport or
active commuting options such as walking and cycling, which become more available when households adjust to new patterns of
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accessibility (Clark et al., 2016; Beige and Axhausen, 2017). In China, rapid urban transformations show a different mechanism, as
longer commuting distances following residential relocation often push commuters toward public transit, while also sustaining private
car use (Zhao and Zhang, 2018). Taken together, these findings suggest that the direction of mode shifts depends on how relocation
reshapes commuting distances and the availability of transport infrastructure. Furthermore, lifecourse events with spatial implications
generate some dynamics, as commute journeys play a prominent role in home relocation decisions, but after moving, commuting
considerations such as those related to green-transport likely emerge again (Zarabi et al., 2019). Tao et al. (2023a) review the literature
on commuting modes, life events and residential relocation. In summary, these studies show that commuting is not only a consequence
of relocation decisions but also a factor shaping how households adapt after moving.

Commuting distance has also been studied. In relation to commuting distance, some authors have found a positive correlation,
including results for the US (Blumenberg and King, 2019). This result suggests that moving to low density areas, typically with good
amenities in US cities’ peripheral areas, relates to increased commuting distance, and that households prioritize residential quality and
amenities over proximity to work, which extends the daily commute. However, available transport modes and access to public transit
play a pivotal role in this relationship (Prillwitz et al., 2007). Furthermore, urban forms are also crucial in this relationship between
commuting distance and residential relocation, as estimates for other countries such as Canada are in line with results for the US
(Akbari and Habib, 2018), while results for countries with different urban structures show opposite correlations (e.g., Beige and
Axhausen, 2017; Xue et al., 2020). In relation to job change, the literature has found that, at an individual level, relocating has a small
but positive effect on commuting distance in the mid run (Hrehova et al., 2023). These findings reinforce the idea that spatial context
and national urban structures condition whether residential moves lengthen or shorten commutes.

Finally, some authors have also focused on job change, residential relocation, and commuting time, although from an individual
rather than household perspective, assuming that the commute time of a worker is an individual isolated decision taken prioritizing
own preferences over the partner’s commuting condition (Ghasri and Rashidi, 2019).” In the US, workers tend to reduce their
commuting time when facing residential changes, especially among those initially facing lengthy commutes (Clark et al., 2003),
although this correlation seems not significant in other regions such as China (Ma et al., 2025). This suggests that the effectiveness of
residential relocation in reducing commuting time depends on the local or national context. Besides residential relocation, some
authors have concluded that job changes positively relate to commuting time in Luxembourg, China, and Germany (Sprumont et al.,
2014; Yang et al., 2017; Rau et al., 2019; Ma et al., 2025). However, the same relationship has been estimated to be not significant in
Canada (Gerber et al., 2020). These cross-country differences highlight again that institutional and spatial contexts mediate how job
changes affect commuting time. Furthermore, job change generally induces correlations in the short run that may decrease or differ in
the mid run, after workers have adapted to the new commuting journey (Von Behren et al., 2018), thus highlighting the relevance of
analyzing not only the immediate change in workers’ commuting after the life event, but also the impact on the mid term.

2.3. Household level studies on commuting

The literature has long recognized the importance of household level factors in determining commuting time, in addition to specific
life events such as moving or having children. Despite the lack of household surveys studying commuting time, there has been a focus
on empirical analyses that often control for household-related variables and therefore capture the intricacies of dynamic behaviors
within the household context. Two significant dimensions of the household that relate to commuting and have received attention in
recent years are the marital status and the role of the spouse in determining commuting time, as married workers often spend more
time commuting than their single counterparts (Roberts et al., 2011). This reflects how partnership decisions affect residential and job
choices, sometimes lengthening commutes to balance both spouses’ employment opportunities, and given time constraints related to
cohabitation and marriage, such as spending time together.

Some authors have focused on the US, including Christian (2012), Gimenez-Nadal et al. (2018a), and Morris and Zhou (2018), who
found that commuting time relates negatively to time spent together with the spouse doing other activities, and that longer commutes
relate to being married instead of being single. These results highlight the time constraints that face workers, as commuting is a shock
to time allocation which ultimately limits the ability of workers to devote time to other activities such as being with the partner, while
at the same time couples need to balance two workplaces and one housing. The partner’s employment status, but not the partner’s
wage, also relates to worker’s commuting time, suggesting that whether both spouses work shapes commuting choices more than
relative income does.

Other authors have also examined commuting time from a household perspective in other countries, focusing on how workers’
commuting relates to characteristics and behaviors of other family members. For example, longer commuting times relate to a decrease
in the spouse’s work hours, and to the spouse being involved in increased household responsibilities (Carta and de Philippis, 2018;
Stenpal and Kley, 2020). These findings show that one partner’s long commute can indirectly reallocate labor within the household.
However, some authors have found that these adjustments are more prevalent among wives than among husbands, which ultimately
explains the shorter commuting times of wives (Hjorthol and Vagane, 2014). Despite that, other authors have found the opposite result
(e.g., Kohara and Sekijima (2017) using Japanese data, or Kim (2020) using Korean data), highlighting the relevance of the analyzed
country, the national context, and the gender norms.

7 Maheshwari et al. (2023) provide a recent review.



J.I. Giménez-Nadal et al. Transportation Research Part A 203 (2026) 104731

The relationship between commuting and wellbeing has also been analyzed at the household level. Longer commutes often relate to
adjustments by other family members that reflect the household’s wellbeing (Hirte and Illmann, 2019), and household members
typically consider and value the partner’s commuting time (Swardh and Algers, 2016). Tus, these findings suggest that commuting
costs are not borne individually but shared within the household, influencing overall welfare. Similarly, Tao et al. (2023b) find that it is
husbands’ wellbeing what relates to wives’ commuting time, while wives’ wellbeing is not related to husbands’ commuting time,
revealing a gender asymmetry in how commuting affects family life. In summary, the existing household-level analyses on commuting
have focused on workers’ marital status and the role of the spouse in determining commuting behavior, on how commuting relates to
other behaviors of household members, and on household wellbeing. We contribute to the literature on commuting analyzed from a
household perspective by focusing on commuting, job change, and residential relocation, using household longitudinal data from the
PSID.® To the best of our knowledge, this represents the first analysis of these relationships at the household level.

3. Conceptual framework

Our empirical analysis draws on key theories and concepts at the intersection of urban economics, geography, and family eco-
nomics. This includes human capital theory, household bargaining models, urban models, lifecycle theories, gender-based commuting
studies, and research on job mobility and wage dynamics. A summary of the framework is shown in Fig. 1.

Human capital theory suggests that job changes are often motivated by the pursuit of better conditions, including higher wages, as
individuals maximize utility under budget and time constraints (e.g., Chiappori et al., 2009). Commuting is seen as a cost factor, where
increased wages may lead workers to accept jobs with longer commutes (Rouwendal and Rietveld, 1994; van Ommeren et al., 1997,
1999). Conversely, workers may choose jobs with shorter commutes, even at lower wages, balancing the trade-off between commuting
time and leisure or family activities (Ross and Zenou, 2008; Iwata and Tamada, 2014; Gimenez-Nadal et al., 2018b). This balance also
depends on household resources like vehicle availability and income, which influence commuting choices and budget constraints
(McQuaid and Chen, 2012; Neto et al., 2015).

In family economics, household bargaining models highlight that spouses often have different preferences and that households do
not act as single units (Chiappori, 1992). Household decisions involve trade-offs, mediated by each spouse’s bargaining power. Thus,
one spouse’s job change affects not only their own commute but also that of their partner, reflecting the interdependence of spousal
behaviors. Besides that, commuting time has been examined from the perspective of gender differences, which exist as regards
commuting duration (Gimenez-Nadal et al., 2022), but also in terms of the moderating impact of gender on the relationship between
commuting and wages, job types, labor market participation, or psychological wellbeing (Roberts et al., 2011; Kimbrough, 2019; Farré
et al., 2023). These studies suggest that men and women face different constraints and incentives in the labor market, which makes
commuting a gendered outcome. Therefore, husband (e.g., male) and wife (e.g., female) commuting times could respond differently to
job changes and residential relocation, given that males and females have shown different commuting behaviors. This implies that
intra-household decisions on employment and residence cannot be understood without accounting for gender-specific patterns in
commuting.

Urban models also propose a trade-off between commuting and housing, where longer commutes are often weighed against the
benefits of living in suburban areas with desired amenities (Brueckner et al., 1999; Prillwitz et al., 2007). Job search models further
argue that commuting behaviors are shaped by the endogenous relationship between job changes and residential relocations (van
Ommeren et al., 1997, 1999; Jang and Yi, 2021). Empirical evidence supports this, showing that changes in residence, education, and
employment are highly interdependent and often occur simultaneously (Beige and Axhausen, 2017), and are sensitive to households’
income (Jang and Yi, 2021). Household characteristics that influence preferences for mobility and shape the feasible commuting
arrangements a household can sustain, such as age and household composition, as well as housing attributes like dwelling type also
play roles in commuting decisions (Lee and McDonald, 2003; Roberts et al., 2011; Carta and De Philippis, 2018; Manning, 2003; Naess
et al., 2019). Relatedly, lifecycle models assert that household decisions are affected by factors such as age and the presence of
children. For example, younger workers and couples without children may be more willing to relocate or accept longer commutes after
a job change (van Ommeren and van der Straaten, 2008; McQuaid and Chen, 2012; Gimenez-Nadal et al., 2018a), while families with
children might prioritize shorter commutes and residential stability (Clark et al., 2023).

Finally, employment type and demographics also relate to commuting patterns. Self-employed workers often face distinct
commuting dynamics compared to employees. The commute of self-employed individuals is influenced by their search for an available
workplace, whereas employees’ commuting is driven by job search. Consequently, commuting behaviors (including commuting time)
of self-employed workers tend to differ from those of employees, as the former are able to optimize it further and avoid the so called
“excess commuting” (van Ommeren and van der Straaten, 2008; Giménez-Nadal et al., 2018a). Besides that, workers in specialized
occupations with higher education levels tend to experience longer commutes (Sandow and Westin, 2010; Dargay and Clark, 2012).

In summary, our analysis emphasizes that spousal job changes influence commuting time for both spouses due to household
bargaining dynamics. Residential relocation also affects commuting and moderates the relationship between job changes and
commuting time, as relocation and job changes are often interlinked. Additionally, wage impacts from job changes, along with

8 Despite this, the PSID has previously been used to study workers’ commuting behavior, but not from a household perspective (e.g., Simonsohn,
2006; Smart and Klein, 2020; Gimenez-Nadal et al., 2022b).
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Fig. 1. Summary of the conceptual framework.

household characteristics such as the presence of children, age, and moving costs, shape preferences for residential mobility.
Therefore, to comprehensively capture commuting time, we account for individual characteristics such as gender, age, education,
household composition, income, and vehicle availability.

4. Data and variables

We use data sourced from the Panel Study of Income Dynamics (PSID) spanning the years 2011 to 2019, during periods of
commuting availability. The PSID, administered by the University of Michigan (PSID, 2019), was established in 1968 as an extensive,
nationally representative survey of US families. It covers a diverse range of data, encompassing employment and income specifics of
household members, along with other relevant information. Notably, the PSID was significantly expanded in 1997, broadening its
coverage to include an expanded array of topics, such as consumption patterns. Moreover, it underwent a redesign, transitioning to a
biennial data collection schedule from that point onward.’

Of particular relevance to our study, the PSID introduced the collection of data on the commuting times of individuals within
interviewed households in the year 2011. Our investigation concentrates on the survey years from 2011 to 2019, corresponding to the
biennial records during which this commuting information is available. The PSID is appropriate for our analysis, as it provides in-
formation on the year individuals started working for their current employer (which allows us to study job changes), on whether
households moved their residence, and on several demographic and labor market outcomes. We do not use data from the 2021 wave of
the PSID, as the analysis of how COVID-19 and the subsequent widespread of work from home practices affect the relationships
examined in this study is left for future research; see recent analysis on work from and commuting by Thomas et al. (2021) and Currie
et al. (2021).

Since we are interested in husband and wife commuting times, we retain information on households formed by (married or un-
married) spouses, namely a husband and a wife. The offspring, parents, and other cohabitants of interviewed spouses are not

° We focus on the sample interviewed in the period 2011-2019, comprising the core SRC sample (originally representative), individuals from the
immigrant samples added in 1997/1999 and 2017/2019, and individuals in the SEO sample. This approach ensures that the samples are adjusted to
closely mirror the overall national population in the US, encompassing both non-poor and poor households, as well as immigrant households (PSID,
2021). All summary statistics and results are calculated using the designated weights provided by the PSID data.
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considered for the analysis. We select working couples only (i.e., couples in which both spouses participate in the labor market), who
report positive commuting time, and we require complete data on demographic and labor outcomes (e.g., earnings, hours of work,
commuting, etc.).'? Since we are interested in changes in commuting time that are driven by job changes, we retain households that,
meeting the previous criteria, are followed for at least two consecutive periods. These restrictions leave a sample of 2,500 distinct
households (i.e., 2,500 husbands and 2,500 wives), and the average household is observed for 3.21 periods; i.e., our sample consists of
8,013 observations (households x years).11

Our main variable of interest is the time spent commuting by husbands and wives in the sample, measured as the time spent in two-
way commuting as follows: “On a typical day, how many minutes is your round trip commute to and from work?”'?> We thus define
commuting as two-way commuting time, measured in minutes, in line with existing research that has focused on commuting time to/
from work, rather than on one-way commuting (Stone and Schneider, 2016; Gimenez-Nadal et al., 2021). We also use information on
job changes. We define the job change of each spouse as a dummy variable that takes value 1 if the corresponding spouse has changed
his/her employer between the current survey record and the previous survey record, and 0 otherwise. To define a job change, we need
details of the employer status for the current survey year and the preceding wave. Consequently, job changes are determined based on
observations with data differences, over the 5,443 observations corresponding to the 2,500 households in the sample with differing
information.

Because we are interested in studying the variation in commuting time driven by job changes, we could follow the identification
strategy of van Ommeren and Gutiérrez-i-Puigarnau (2011), and then omit those households who moved their residence between
survey records to net out a potential source of endogeneity. Existing research has shown that alterations in employment and residence
typically occur concurrently rather than sequentially (Rouwendal and van der Vlist, 2005; Beige and Axhausen, 2017). However, the
PSID data lacks information on whether job changes instigate residential moves or vice versa. Consequently, we cannot fully address
endogeneity, leading us to retain both couples who moved (movers) and those who did not move (stayers) in the sample. Furthermore,
the PSID does not include information on the built environment of residential locations, or any geographical information that allows us
to locate households, only on whether households have moved between survey periods, which we acknowledge as a limitation, as we
cannot control for the built environment or for location fixed effects, and we do not know if residential relocations take place from the
city center to outskirts, for example. As a consequence, we can only identify whether households move, but not where and from where
they move.

The PSID allows us to define several characteristics of surveyed households and individuals within those households, as well as
their corresponding outcomes in the labor market, which are likely correlated to commuting and therefore need to be accounted for.
We define the age of spouses, measured in years, and the squared age to capture potential non-linear effects (Gimenez-Nadal et al.,
2018a). Furthermore, we categorize the highest level of education attained by spouses using four dummy variables: basic education
(assigned a value of 1 for individuals without completed secondary education, 0 otherwise), secondary education (assigned a value of 1
for individuals with completed secondary but not college education, 0 otherwise), college education (assigned a value of 1 for those
with a completed bachelor’s degree, 0 otherwise), and higher education (assigned a value of 1 for those with completion of some
postgraduate program, such as a master’s degree, Ph.D., or advanced professional degree; O otherwise). The PSID allows us to create
dummy variables identifying respondents as either white or black (with a minority of respondents corresponding to some other
ethnicity).

In addition to examining individual demographic characteristics, our study incorporates various household-level demographics.
This includes the number of individuals in the family unit, the count of children within the household, and the age of the youngest
child, as grown children are relevant in determining commuting time. Furthermore, we include controls for housing-related variables,
such as dwelling type (a binary variable with a value of 1 for house residents and 0 otherwise), the number of rooms, and tenure status
(a binary variable with a value of 1 for owned homes and 0 for rented homes). Following the approach of Gimenez-Nadal et al. (2018a),
we incorporate a control for household income, measured in $1,000."° Finally, we control for the number of vehicles, and changes in
the number of vehicles, as events like car purchase or, more broadly, changes in the number of vehicles available for commuting are
likely to be relevant in determining spouses’ commuting times.

10 The selection of workers with positive commuting excludes workers who work from home. However, work from home was not widespread
before the COVID-19 outbreak (Barrero et al., 2023). Analyzing how the COVID-19 and the associated widespread of work from home practices have
affected commuting, the proximity to workplaces, and the relationship between commuting, job change, and residential relocation is left for further
research.

11 Because the analysis and definition of certain variables requires the use of first differences, the estimation samples are smaller (5,443 obser-
vations). Since the PSID is biennial over the analyzed period, the first difference of a given variable is defined as the value of that variable in a given
period, minus the value in the previous period (two calendar years in the past), in line with existing research (Blundell et al., 2016; Theloudis,
2021). A comparison of the hours of work and hourly wages within our chosen sample, juxtaposed with those in previous studies, suggests that the
representativeness of our sample in terms of labor supply and wages aligns with findings in studies such as Blundell et al. (2016). Husbands in our
sample earn an average wage of $36.4 per hour, while wives earn $27.1 per hour. Additionally, husbands work approximately 2,187 h per year
compared to wives who work 1,809 h per year.

12 We must acknowledge potential measurement error in the definition of commuting time, as it is based on a stylized question, and existing
research has concluded that this information is more accurately measured through time-use diaries, such as those in the American Time Use Survey
(Bonke, 2005; Yee-Kan, 2008). Nevertheless, time-use surveys consist of repeated cross-sections and do not include longitudinal data or information
on job changes.

13 Monetary amounts are all expressed in 2019 dollars.
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Table 1
Main summary statistics.

VARIABLES Husbands Wives Difference

G=1 Gi=2) (husband — wife)

Mean S.Dev. Mean S.Dev. Diff. p-value
Commuting time 46.464 39.812 39.352 31.951 7.111 (<0.001)
Changed job 0.198 0.399 0.214 0.410 —-0.016 (0.039)
Changed job | Alog(wage) > 0 0.102 0.303 0.118 0.323 -0.016 (0.008)
Changed job | Alog(wage) < 0 0.096 0.295 0.096 0.295 0.000 (0.993)
Moved 0.220 0.414 0.220 0.414 - -
Changed job and moved 0.061 0.240 0.066 0.248 —0.004 (0.347)
Alog(commuting) 0.001 0.786 0.013 0.794 —0.012 (0.411)
Alog(commuting) | job change 0.014 1.150 0.066 1.164 —0.052 (0.261)
Alog(commuting) | job change, Alog(wage) > 0 0.067 1.167 0.082 1.082 —0.014 (0.815)
Alog(commuting) | job change, Alog(wage) < 0 —0.043 1.130 0.046 1.259 —0.089 (0.205)
Alog(commuting) | moved 0.060 0.941 0.087 1.013 —0.027 (0.493)
Alog(commuting) | job change and moved 0.112 1.189 0.117 1.230 —0.005 (0.945)
Total observations (households X waves) 8,013
Observations with data in difference 5,443
Number of households 2,500

Note: The sample (PSID 2011-2019) is restricted to two-member stable households with positive labor supply in consecutive periods. Statistics
computed using sample weights. Total observations (households X waves) differ from observations with data in difference because differences require
two consecutive waves of information. Commuting time is measured in minutes per day. Summary statistics of demographics shown in Table A1 in the
Appendix A.

Table 1 shows summary statistics of the main variables of interest.'* The average husband in our sample spends 46.5 min per day
commuting to/from work, whereas the average wife spends 39.4 min per day commuting. This is a gender difference of about 7.1 min
per day, which is statistically significant at standard levels. These magnitudes are in line with existing research on gender and
commuting time in the US and other developed countries (e.g., Roberts et al., 2011; McQuaid and Chen, 2012; Oakil et al., 2016;
Gimenez-Nadal et al., 2022). Fig. 2 shows the evolution of commuting times of husbands and wives in the sample, and displays relative
stability, while the gap in commuting time between husbands and wives remains highly significant for all the years in the sample.1 5
Regarding job changes, Table 1 shows that 19.8 % of the husbands in the sample report a job change since the previous survey record,
as do 21.4 % of the wives.'® The gender difference in the rate of job change is statistically significant at standard levels. As for moving,
Table 1 shows that 22.0 % of the interviewed households moved residence between survey years.!” Furthermore, 31.0 % (30.7 %) of
those households in which the husband (wife) changed job, also moved.

Focusing on the change in commuting time, we define “Alog(commuting)”, for each time period and spouse, as the log of time spent
commuting by a given spouse, minus the log of time spent commuting by the same spouse in the previous survey record (i.e., two
calendar years in the past). That way, we measure growth rates in commuting time, and not changes measured in minutes, similarly to
how the literature has addressed the dynamics of wages (e.g., Altonji et al., 2013; Blundell et al., 2016; Arellano et al., 2018). The
growth rate of commuting time between consecutive records of the average husband is 0.01 %, while the corresponding rate for the
average wife is 1.3 % (considering all individuals, i.e., those who moved and those who did not move, and those who changed job and
those who did not). The difference between husbands and wives is found to be not significant at standard levels. Furthermore, these
changes are very small, indicating that the change in commuting time between periods is about 0.05 min for the average husband, and
0.5 min for the average wife. Thus, commuting time seems relatively stable across periods of time for individuals in the sample.
However, if we restrict the sample to individuals who have changed their job since the last survey period, Table 1 shows that the
change rate in commuting time is 1.4 % for the average husband, and 6.6 % for the average wife.

Furthermore, it may be the case that individuals in the sample have experienced job changes that increase their wage (i.e., job
changes with positive impact on their labor market outcomes), which may indicate that workers are willing to commute longer to earn
the wage premium. Conversely, it may be that workers find a job closer to their home, and thus they may be willing to accept similar or
lower salaries in exchange for shorter commutes. To provide a first exploratory analysis, we compare the change rate in commuting
time subject to job changes that have a positive change in wages, and subject to job changes that have a negative change in wages.

14 Table Al in Appendix A presents summary statistics of demographic and labor outcomes, while Fig. A1 in Appendix A shows the density
distribution of commuting times for husbands and wives, including individuals who both moved and did not move, and those who both changed jobs
and did not change jobs.

15 For completeness, Fig. A2 in Appendix A reports trends in average commuting duration in the US over the period 2003-2024, total, and by sex,
using the American Time Use Survey data of the IPUMS (Flood et al., 2023).

16 Of those who changed jobs, 49.6% of men and 46.3% of women also changed occupations. This means that about half of those who change jobs
also shift occupations, while the other half change jobs within the same occupation. We return to occupations below.

17 Among households that moved, 28.5% moved to homes with fewer rooms, 22.6% to homes with the same number of rooms, and 48.9% to larger
homes. Thus, approximately half of moving households do so to acquire more space.
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Fig. 2. Trends in household commuting times. Note: The sample (PSID 2011-2019) is restricted to two-member stable households with positive
labor supply in consecutive periods. Averages computed using sample weights. Commuting time is measured in minutes per day.

Table 1 shows that husbands who change their job and experience a positive wage shock report an increase in their commuting time of
about 6.7 %, whereas those who changed job and experienced a negative wage shock report a decrease in commuting time of about 4.3
%. Wives who report a job change and a positive (negative) wage shock report an increase in their commuting time of about 8.2 % (4.6
%).

Similarly, we explore the growth rate of commuting time conditional on moving. Table 1 shows that having moved relates to an
increase in commuting time of about 6.0 % for husbands, and 8.7 % for wives. In other words, moving relates to increased commuting
time of spouses for the average household in the sample. We also explore commuting when spouses have changed job and, simulta-
neously between survey waves, have moved. If these two events occur simultaneously, the husband’s commuting time increases by
about 11.2 % on average, while the average female commuting time increases by about 11.7 %.

To complement the results shown in Table 1, Fig. 3 shows density estimates of the growth rate of commuting time. Most of the
individuals in the general population experience close to zero changes in commuting time, with a very large leptokurtic distribution
around zero. Fig. 4 shows similar density estimates, conditional on job changes (Panel A), on job changes that generate positive and
negative wage shocks (Panel B and Panel C, respectively), and on moving (Panel D). Fig. 4 shows that, once we condition a job change
or a residential move, the variability of the growth rate of commuting time increases. Specifically, the growth rate in commuting time
under job changes is quite symmetric, and thus the averages shown in Table 1 mask some degree of heterogeneity. A deep analysis of
heterogeneity across households would require long time-series per household, which the PSID does not provide, and thus is left for
further research using other sources of longitudinal micro-data.

5. Empirical strategy

We detail our econometric strategy to investigate how job changes impact the rate of change in commuting times for husbands and
wives, considering observable and time-invariant unobservable factors, with a primary focus on discerning whether job changes lead
to observable shifts in worker commuting times, net of changes in residence location. Our empirical model is as follows. For a given
household i formed by a husband and a wife, j = 1,2, respectively, with appropriate survey records during periods t and t—1, we
estimate the following equations:

AlogCommuting, = &} + §,JC, + FLIC + PLICodCZ + feX, + & + &y, = 1,2.
Husband (j = 1) and wife (j = 2) equations are estimated simultaneously using fixed effects Seemingly Unrelated Regression (SUR)
models (Zellner, 1962). Commuting’l:t represents the commuting time of spouse j of household i in period t, and thus AlogCommuting’l:t
represents the growth rate of j’s commuting time between period t and period t —1. oe{ is the household fixed effect, JC’;t is a dummy that

takes value 1 if spouse j of household i has changed his/her job between periods t and t —1, JCijj is the equivalent for spouse —j (i.e., j’s

partner), and JC{[JC;j captures the additional response generated when both spouses change their job at the same time.

We must control for the potential relationship between residential moving and commuting time. Without this control, we would
face challenges disentangling whether variations in commuting times are attributed to residential mobility. However, controlling for
moving may also be problematic, since residential moving may not only influence commuting but also trigger or result from job

10
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Fig. 3. Density of Alog(commuting). Note: The sample (PSID 2011-2019) is restricted to two-member stable households with positive labor
supply in consecutive periods. Commuting time is measured in minutes per day.
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changes, and thus may be considered a bad control. We return to this point below.

We include controls for time-specific effects, occupation fixed effects, demographic characteristics of workers, and household fixed
effects, encompassing observable and time-variant attributes of households.'® X{:t is a vector of demographics that are time-variant
within households (whether the household moved between time periods, age and age squared, spouses’ self-employment status,
family size, number of children, the age of the youngest child, type of housing and tenure, number of rooms, family earnings, and
number of available vehicles and changes in available vehicles). a’[ represents year fixed effects, and 8’& is the error term.

It is noteworthy that commuting times may vary even when workers do not change jobs or relocate. Such changes can stem from
factors like shifts in transportation modes, alterations in road infrastructure, weather conditions, adjustments in available commuting
routes, or fluctuating congestion levels over time, among other potential influences.

We estimate three additional models. First, we include occupation fixed effects, noting that not all workers who change jobs remain
in the same occupation.?’ The PSID includes occupation codes, which have been harmonized based on the 2010 Occupation Code List
of the US Census Bureau, including: 1) Management, Business, and Financial occupations. 2) Computer, Engineering, and Science
occupations. 3) Education, Legal, Community Service, Arts, and Media occupations. 4) Healthcare Practitioners and Technical oc-
cupations. 5) Service occupations. 6) Sales and Related occupations. 7) Office and Administrative Support occupations. 8) Farming,
Fishing, and Forestry occupations. 9) Construction and Extraction occupations. 10) Installation, Maintenance, and Repair occupations.
11) Production occupations. 12) Transportation and Material Moving occupations. 13) Military Specific occupations.

Second, we re-estimate equations differentiating between job changes that generate a positive impact (an increase) in wages, JC’;E”,

and job changes that generate a negative impact (a decrease) in wages, JC’;*). Thus, we can study whether a job change that drives an
improvement in labor market conditions of spouses relates to spouses’ commuting time differently than a job change that decreases the
labor market outcomes of spouses. To do so, we estimate the following equations:
AlogCommuting), == &, + #,JC") + fLIC/") + FLICLY + FICT) + piX, + ol + ¢, j=1,2
where all the terms are defined as previously.

It is crucial to highlight that the PSID dataset lacks the necessary sample size for examining potential heterogeneity by estimating
equations on a household-by-household basis. Factors such as variations in the number of children, changes in household composition,
access to a car, alterations in domestic responsibilities, and differences in worker ages may act as mechanisms moderating the cor-
relation between job changes and commuting times. For example, a job change leading to reduced commuting time for one worker
could result in increased leisure time and more opportunities for household chores and caregiving. Consequently, this shift may
potentially relieve the partner of such responsibilities while simultaneously allowing them to invest more time in commuting in pursuit
of an improved job opportunity.

Although we cannot provide a deep study of heterogeneity household by household, we do analyze potential heterogeneity by
estimating possible underlying mechanisms behind the estimated conditional correlations. In doing so, we estimate the following
equations:

AlogCommuting, = @] + #,JC}, + pLJC}, x event), + fLJC; + pLJC, x event), + pLICLIC, + PLIC,JC; x event, + fiX), + &
+e
=1,2,
where the variable event), captures some individual or household characteristic also included as part of X/, namely age cohorts, or
the number of children, and the remaining terms are defined as in the previous equations. Thus, coefficients /3, ﬂ’3 and f, capture the

correlation between job changes and commuting time growth for the general population (i.e., for those who do not experience the
event), and ), #, and f, allow us to analyze if individuals who experienced said event experience some additional correlation (beyond
that captured by the coefficients for the general population).

A crucial consideration in our entire identification strategy is the control for households’ residence location between survey re-
cords, along with both observable and unobservable household characteristics. However, our approach precludes estimating causal
effects, due to the lack of information on the exogeneity of job changes, such as firm-initiated relocations impacting commuting times.
Unfortunately, the PSID lacks specific details to distinguish voluntary job changes (e.g., pursuing a better opportunity) from those
compelled by external factors (e.g., job loss followed by reemployment). Despite this limitation, our analysis allows us to identify a
conditional correlation, offering insights into how spouses’ commuting time responds to job changes within the available data context.

18 There are alternative paths to study the relationship between job changes and worker commuting time. For instance, one could estimate a
structural job search model including commuting time, as in van Ommeren et al. (1997, 1999). However, it is unclear how such a job search model
could be formulated in a household context, rather than in an individual context.

19 Spouses’ education, race, immigrant status, and State fixed effects are omitted because they are time-invariant within households, and as such
their potential effects are captured by the household fixed effects. Spousal age is omitted because of matching trends in the US marriage market
(Chiappori et al., 2020).

20 we do not include occupation fixed effects in our baseline specification, as these effects may capture part of the relation of interest for the
individuals who changed their occupation when changing their job.

12
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6. Results
6.1. Job changes and the growth rate of commuting time

Table 2 shows the main coefficients of SUR fixed effects models. Columns (1) and (2) show the main estimates of the baseline model
on husbands and wives, respectively. Columns (3) and (4) show results when controlling for occupation fixed effects. On one hand, the
results show that a job change of the husband is related to a decrease in his commuting time, with that decrease ranging between 14.9
% and 15.4 %, and the coefficients are statistically significant at standard levels across specifications. On the other hand, husbands’
commuting growth rate seems not to depend on whether only the wife has changed her job. Despite that, if both the wife and the
husband change their jobs between the same time periods, husbands experience a significant increase in their commuting time of
between 26.2 % and 27.6 %. The growth rate of wives’ commuting seems not to be sensitive to their own and the partner’s job changes,
regardless of whether these changes are simultaneous or not. Furthermore, residential moving is consistently related to increases in
commuting time for both husbands and wives. Specifically, residential moving is related to increases of between 8.4 % and 8.9 % in the
husband’s commuting time, and between 21.4 % and 21.9 % in the wife’s.

These findings highlight distinct commuting time dynamics in response to job changes and residential moving for husbands and
wives. Notably, a husband’s job change is consistently linked to a significant reduction in his commuting time. However, husbands’
commuting time growth rate remains unaffected when only the wife changes her job. Simultaneous job changes by both partners,
however, result in a substantial increase in husbands’ commuting time. Wives, regardless of their own or their partner’s job changes,
exhibit an insensitive commuting time growth rate. Additionally, residential moving consistently correlates with commuting time
increases for both husbands and wives. These patterns shed light on the intricate relationship between employment changes, resi-
dential mobility, and spouses’ commuting times within households.

Regarding the remaining coefficients, which are shown in Appendix Table A2, the study reveals a connection between spouses’ self-
employment status and changes in commuting time. Self-employed husbands and couples experience higher growth rates in
commuting than employees, while self-employed wives tend to have smaller changes in commuting time. Household composition does
not appear to be correlated with the growth rate of commuting time, despite prior research indicating its association with worker
commuting time (Lee and McDonald, 2003; Roberts et al., 2011; Carta and De Philippis, 2018). Living in a house, as opposed to an
apartment or flat, is also associated with a decreased commuting time growth rate. Interestingly, husbands (but not wives) who own
their homes tend to experience larger changes, potentially influenced by the increased moving costs for homeowners compared to
those living in rented homes. Finally, the number of vehicles relates positively to the husband’s change in commuting time, while
changes in the number of vehicles (i.e., more vehicles available for commuting) relates negatively to spouses’ commuting time,
although the coefficients are marginally significant only.

6.2. Job changes and shocks to wages

Table 3 shows the main results of the specification in which we differentiate between job changes that generate positive shocks to
wages, and job changes that generate negative shocks to wages. Additional coefficients are shown in Table A3 in the Appendix. Column

Table 2
Fixed effects joint estimates.
Baseline Occupation F.E.
@ (2 3 4
Variables Husbands Wives Husbands Wives
=1 (=2 (=1 G=2)
Job change of j —0.154%** 0.058 —0.149%** 0.046
(0.039) (0.038) (0.039) (0.037)
Job change of —j —0.008 —0.029 —0.004 —0.034
(0.037) (0.040) (0.037) (0.039)
Job change of j & —j 0.416%** 0.011 0.425%** 0.024
(0.069) (0.071) (0.069) (0.071)
Moved 0.084%* 0.219%** 0.089%* 0.214%**
(0.037) (0.038) (0.037) (0.038)
Demographics Yes Yes Yes Yes
Household fixed effects Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes
Occupation fixed effects No No Yes Yes
Observations 5,443 5,443 5,443 5,443
R-squared 0.352 0.332 0.356 0.341

Note: Robust standard errors clustered at the household level in parentheses. The sample (PSID 2011-2019) is restricted to two-member stable
households with positive labor supply in consecutive periods. Estimates computed using sample weights. The dependent variable is the change in the
log of commuting time, Alog(commuting). Additional coefficients shown in Table A2 in the Appendix. *** significant at 1%; ** significant at 5%; *
significant at 10%.
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Table 3
Job changes and the sign of wage shocks.
@ (2)
Variables Husbands Wives
G=1 =2
Job change of j | Alog(wage;) > 0 —0.162%** 0.107**
(0.047) (0.044)
Job change of j | Alog(wage;) < 0 —0.145%** —0.001
(0.047) (0.047)
Job change of —j | Alog(wage,) > 0 —0.015 —0.024
(0.043) (0.048)
Job change of —j | Alog(wage) < 0 0.001 —0.031
(0.046) (0.048)
Demographics Yes Yes
Household fixed effects Yes Yes
Year fixed effects Yes Yes
Observations 5,443 5,443
R-squared 0.352 0.333

Note: Robust standard errors clustered at the household level in parentheses. The sample (PSID 2011-2019)
is restricted to two-member stable households with positive labor supply in consecutive periods. Estimates
computed using sample weights. The dependent variable is the change in the log of commuting time, Alog
(commuting). Additional coefficients shown in Table A3 in the Appendix. *** significant at 1%; ** signifi-
cant at 5%; * significant at 10%.

(1) shows estimates on husbands, and Column (2) shows the main coefficients for wives. We observe that a job change that entails a
wage increase relates to a decrease of about 16.2 % in husband commuting time, while a job change that decreases the wage relates to a
decrease of about 14.5 % in his commuting time. These coefficients are not different, according to a t-type test (p = 0.798). The
correlations between joint job changes and moving, on the one hand, and husband commuting time growth rate, on the other hand,
remain similar to the baseline estimates in Table 2. The results suggest that the sign of the wage shock experienced by husbands when
changing jobs is not relevant in determining the change in commuting time, as coefficients are both negative and highly significant.

Regarding results for wives’ growth rate of commuting time, estimates show that commuting time on average increases by about
10.7 % if they experience a job change that entails a wage increase. Conversely, wives’ job changes that relate to a decrease in wages do

Table 4
Partial effects heterogeneity.
@ 2) 3) 4
Husbands (j = 1) Wives (j = 2)

Variables Partial effect St. Error Partial effect St. Error
A. By age cohorts
Job change of j | boomer —0.356%** (0.066) 0.046 (0.077)
Job change of j | gen X 0.022 (0.039) 0.102%** (0.006)
Job change of j | millenial —0.166%** (0.029) —0.010 (0.006)
Job change of —j | boomer 0.084 (0.069) —-0.073 (0.069)
Job change of —j | gen X —0.020%* (0.010) —0.039%** (0.005)
Job change of —j | millenial —0.052%** (0.015) 0.024%* (0.010)
Job change of j & —j | boomer 0.244 (0.177) 0.183 (0.169)
Job change of j & —j | gen X 0.349%** (0.048) 0.090%* (0.035)
Job change of j & —j | millenial 0.479%** (0.067) —0.111* (0.067)
B. By the presence of kids under 5 years
Job change of j | no kids under 5 —0.167%*** (0.043) 0.099** (0.042)
Job change of j | kids under 5 —0.121%** (0.008) —0.091 %** (0.016)
Job change of —j | no kids under 5 0.029 (0.041) —0.020 (0.044)
Job change of —j | kids under 5 —0.136%** (0.014) —0.082%** (0.006)
Job change of j & —j | no kids under 5 (0.081) 0.082 (0.083)
Job change of j & —j | kids under 5 (0.035) —0.076%** (0.025)
Observations 5,443

Note: The sample (PSID 2011-2019) is restricted to two-member stable households with positive labor supply in consecutive periods. Estimates
computed using sample weights. The dependent variable is the change in the log of commuting time, Alog(commuting). Boomers defined as those
born before 1965. Gen X defined as those born between 1965 and 1980. Millenials defined as those born after 1980. Coefficient estimates shown in
Table A4 in the Appendix. *** significant at 1 %; ** significant at 5 %; * significant at 10 %, with standard errors clustered at the household level
computed using the Delta method in parentheses.

14



J.I. Giménez-Nadal et al. Transportation Research Part A 203 (2026) 104731

not relate to changes in their commuting time. Similarly, husbands’ job changes are not related to the wife’s commuting time. The
correlation between moving and wives’ commuting time growth rate remains as in the baseline results. Interpreted through our
conceptual framework, these patterns indicate that wives accept longer commutes only when offset by wage gains, whereas husbands
use job changes to shorten commutes regardless of the wage shock. This behavioral asymmetry is consistent with gendered constraints
and intra-household bargaining highlighted in Sections 2.3 and 3.

6.3. Heterogeneity

We study whether age and household composition moderate the correlations between spouses’ job changes and their commuting
time growth rate. We focus first on potential differences in terms of age cohorts, dividing the sample into “boomers” (those born before
1965), “gen X” individuals (those born between 1965 and 1980), and “millennials” (those born after 1980). Table 4 shows the partial
effects of job changes on commuting time growth rate, that is to say, the partial derivatives of the commuting time growth rate with
respect to job changes for the analyzed population groups. Estimation details are shown in Table A4 in the Appendix. Standard errors
shown in Table 4 are computed using the Delta method.

The results indicate significant variability in response to job changes among different demographic groups. Both older (boomer)
and younger (millennial) husbands tend to reduce their commuting time when changing jobs, whereas middle-aged husbands show no
significant variation. Wives’ job changes do not impact commuting time for boomer couples, but for gen X and millennial couples,
there are small yet statistically significant decreases in husband commuting time. Joint job changes lead to substantial increases in
commuting time. The findings suggest that both older and younger husbands aim to decrease their commuting times, while middle-
aged workers may not share this objective. Among wives, job changes are associated with increased commuting time only for middle-
aged, gen X wives. The correlation between job changes and commuting time growth rate for boomer and millennial wives is not
statistically significant. Differences in preferences for work and time allocations, or varying needs, may explain these patterns. For
example, young wives may prioritize better jobs even with longer commuting times, or they may change jobs to care for children,
seeking shorter commutes. Gender differences are further explored in the discussion section.

We next examine whether the presence of kids potentially moderates the correlations between job changes and commuting time,
dividing the sample into those who have a kid under 5 years old and those who do not. For husbands, job changes relate to decreased
commuting time in general terms, regardless of the presence of children. However, wife job changes relate to decreased husband
commuting time only if the couple has a kid under 5 years old. Regarding wives’ commuting time growth rate, the results reveal that a
job change translates into an increase in her commuting if the couple does not have a kid under 5 years, but conversely into a decrease
in her commuting if the couple does have a kid under 5. These results are consistent with time-allocation constraints within couples.
With a child under 5, wives’ commutes shorten and husbands adjust their own commuting when the wife changes job, pointing to
caregiving-driven reoptimization. This suggests that relaxing childcare constraints could mitigate the asymmetric commuting re-
sponses documented here.

The findings suggest a shift in household responsibilities towards husbands, who seek shorter commutes when their wives start new
jobs, to allocate more time to childcare. The positive and highly significant correlation between joint job changes and husband
commuting time persists. Young children impact the relationship between wives’ job changes and commuting time, aligning with the
household responsibilities hypothesis. Women with kids prioritize shorter commutes for caregiving, while those without children
pursue specialized or higher-paying positions, even with longer commutes. Changes in the husband’s job and simultaneous job changes
for both spouses result in decreased wives’ commuting time only when the couple has kids under 5, supporting the household re-
sponsibilities hypothesis.

7. Discussion

We now present a comprehensive discussion of the findings, considering factors such as gender differences, robustness and sample
selection. Specifically, we discuss the results for husbands and wives, and explore the potential endogeneity between residential
moving, job changes, and commuting time, examining short- and mid-term correlations. Furthermore, we draw comparisons between
our results and existing research.

Gender differences. Our analysis unveils distinct patterns by gender, providing insights into the intra-household dynamics of
commuting time. Notably, our results for husbands demonstrate a significant correlation between job changes and the growth of their
commuting time. Specifically, when husbands undergo job transitions (while wives do not) in two separate time periods, there is a
considerable reduction in their commuting time. This implies a deliberate preference among husbands to pursue job opportunities
closer to home, thereby mitigating their daily commuting burden. That is to say, this decision of reducing commuting time could reflect
a desire to minimize the negative impacts of commuting on their quality of life (e.g., husbands may prioritize reducing commuting time
to improve their wellbeing and health), seeking jobs that involve more convenient commuting times (Sandow and Westin, 2010).

However, if both the husband and wife change jobs between time periods, the husband’s commuting time increases significantly,
even after accounting for potential residential relocations. This finding is intriguing, especially given past research that suggested
husbands’ employment traditionally influenced wives’ job searches (Madden, 1981), a topic we revisit later in the discussion. The
simultaneous job change of both spouses might reflect a situation where household coordination or economic opportunities come into
play, and the household as a whole might be willing to accept longer commutes for the husband in exchange for a more significant
benefit, such as both partners finding better-paying or more specialized jobs. Then, this increase in commuting time could reflect a
willingness to sacrifice convenience for higher wages or professional specialization.
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The scenario for wives presents a contrasting perspective. Wives’ commuting time seems not to be related to job changes in general
terms, perhaps implying that wives are less likely to adjust their commuting time when changing jobs, maybe due to household re-
sponsibilities, which make female workers not try to avoid the negative consequences when they change jobs. However, the correlation
is positive only if the job change entails a better wage, that is, if a potential new job relates to increased wages, wives are willing to
accept it even if the commuting time increases, i.e., wives may prioritize the positive effects of longer commutes rather than the
negative consequences. This may indicate wives pursue higher salaries when changing jobs, even if they opt for positions that require
longer commuting times, prioritizing it over the potential negative consequences of commuting. This trend aligns with prevailing
theories suggesting that women have increasingly sought more specialized job opportunities that often require longer commutes
(Green, 1997; McQuaid and Chen, 2012).

However, our findings also reveal that wives experiencing job changes resulting in lower wages do not necessarily reduce their
commuting time. This stands in contrast to results observed in France by Le Barbanchon et al. (2021), who conclude that women are
willing to accept lower wages in exchange for shorter commutes (though measured in distance). Due to the absence of information on
the reasons for job changes in the PSID data, we could not delve deeper into this result. It is plausible that job changes may encompass
situations in which a wife loses her job, experiences a period of unemployment, and then secures new employment between time
periods. This transition is captured as a job change due to the timing of the PSID data and differs significantly from a job-search
perspective, compared to situations where someone secures a new job.

In addition to these correlations, our results do not reveal cross-correlations for wives. In other words, husbands’ job changes do not
appear to have a general impact on wives’ commuting times. Possible explanations for this absence of correlation may be rooted in the
household responsibilities hypothesis, involving childcare responsibilities, pregnancy, the presence of young children in the house-
hold, and similar factors. We conduct a partial exploration by considering heterogeneity in terms of the presence of young children and
age cohorts. This analysis reveals more cross-correlations between spousal job changes and individual commuting times, although it
remains suggestive evidence only, due to the unknown reasons behind job changes in the PSID. Nevertheless, the identification of
cross-correlations, especially among younger couples and those with kids under 5 years, suggests that household characteristics may
drive potential cross effects between spouses’ job changes and commuting times.

Other potential mechanisms could include carpooling, shifts in travel modes prompted by job changes, alterations in the timing of
commuting related to rush hours and traffic congestion, or improvements in the timing and synchronization of commutes (Oakil et al.,
2016). However, a more comprehensive investigation into these channels requires specific data not currently available in the PSID
dataset, such as information on vehicle ownership, time allocation, distance, and commuting patterns.

Despite these limitations, our results provide some insights on how some life events impact the dynamics of household commuting
time. Specifically, estimates suggest that residential relocation relates to increased commuting time among both the wife and the
husband, although the impact seems quite larger among wives, while only limited among husbands. Job changes of the husband do not
seem to have a cross impact on household commuting dynamics, as they only relate to the husband’s commuting time, while the job
change of wives relates to the husbands’ commuting through joint job changes, indicating an impact on intrahousehold dynamics. As a
consequence, further research should investigate potential intrahousehold mechanisms that explain such cross impact.

Finally, the negative correlation estimated between residential relocation and male and female commuting time may be explaining
by several factors. For example, households may search for better amenities typically in the city’s periphery, prioritize non-commute
factors when moving (their preferences for housing are stronger than those for shorter commutes), or take balanced decisions that

Table 5
Robusntess checks.
Without “moved” control Excluding movers
1) 2) 3) %)
Variables Husbands Wives Husbands Husbands
(=1 (G=2) =1 =1
Job change of j —0.151%** 0.055 —0.167*** 0.062
(0.039) (0.038) (0.044) (0.040)
Job change of —j —0.009 —0.023 0.009 —0.063
(0.037) (0.040) (0.042) (0.042)
Job change of j & —j 0.429%** 0.044 0.324%%* —0.045
(0.069) (0.071) (0.091) (0.087)
Moved — - — —
Demographics Yes Yes Yes Yes
Household fixed effects Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes
Observations 5,443 5,443 4,191 4,191
R-squared 0.351 0.328 0.375 0.404

Note: Robust standard errors clustered at the household level in parentheses. The sample (PSID 2011-2019) is restricted to two-member stable
households with positive labor supply in consecutive periods. Estimates computed using sample weights. The dependent variable is the change in the
log of commuting time, Alog(commuting). Additional coefficients shown in Table A5 in the Appendix. *** significant at 1%; ** significant at 5%; *
significant at 10%.
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ultimately impact commuting time positively (e.g., Blumenberg and King, 2019). It may also indicate that the new location offers
access to better job markets in the mid run, which may entail future job changes. We explore some of these potential channels below.

Robustness checks. We conduct two robustness tests to investigate potential selection and endogeneity biases in our study.
Specifically, the relationships among commuting time, residential moving, and job changes are likely endogenous, with residential
moving possibly triggering job changes, and vice versa, as discussed above (see Jang and Yi, 2021). This creates a situation where
individuals experiencing job changes may either stay in their current residence (stayers) or move to a new location. Consequently, the
act of moving can be an outcome of a job change, potentially serving as a flawed control variable and introducing selection bias into
our estimates of interest. To address this concern, we narrow the sample to stayers, individuals who did not relocate between the
observed time periods. The estimates, presented in Table 5, demonstrate the robustness of our conclusions compared to the baseline
results in Table 2. This suggests that endogeneity between residential relocation and job changes is likely not to affect the conclusions
drawn from the baseline analysis.

Second, and building upon the earlier point, we examine the potential endogeneity between job changes and residential moving by
investigating whether job changes lead to future residential relocations (within the next two years) and vice versa. Table 6 presents
summary statistics for concurrent events, such as simultaneous job changes and job changes coinciding with residential moving, as well
as events occurring two years prior that subsequently trigger other events at the current date. The averages indicate that the proportion
of households in which job changes prompt residential relocations in the next two years is minimal. For example, among the 18.3 %
(20.4 %) of husbands (wives) who underwent job changes in the past two years, only 4.9 % (5.4 %) initiated a residential move.
Conversely, 23.5 % of households reported moving in the previous two years, leading to a job change for 7.3 % of husbands and 7.9 %
of wives in the sample. While summary statistics imply that job changes may trigger residential moves for some households, they also
suggest that this is not a prevailing trend.”’ Again, this suggests that the key results are likely not affected by endogeneity regarding job
changes triggering residential relocation in the near future, and vice versa.

Short-term correlations. Another constraint in our analysis pertains to the temporal aspect of the data, primarily capturing short-
term correlations between job changes and commuting time. It is possible that, following a job change, individuals may temporarily
experience longer commutes as they navigate the housing market for potential relocation. While the main empirical analysis accounts
for such reallocations if identified during the PSID interviews, there is a limitation in capturing events that may occur further in the
future, leading to potential bias. In essence, the estimated correlations may be influenced by the timing of the data rather than
reflecting structural correlations. To partially mitigate this concern, we re-evaluate the main equations by incorporating job changes
and residential moving not only at date t but also at date t - 2 (i.e., job changes and residential moving during the previous PSID wave).

Table 7 presents the estimates, indicating that job changes and residential moving in the past are not significantly linked to spouses’
commuting time. This suggests that the biennial frequency of the survey sufficiently captures the structural correlation between job
changes and residential moving, on one hand, and the growth rate of spouses’ commuting time, on the other hand, at least in the short-
and mid-term. Examining these correlations over the long term would necessitate extensive time series data per household, a limitation
not met by the PSID dataset. Therefore, we reserve such analysis for future research and acknowledge that our results are confined to
capturing short- and mid-term correlations exclusively.

Relation to previous results. Our findings regarding wives align with the conclusions drawn by van Ommeren et al. (1997, 1999)
in the Netherlands, who observed increased commuting distance among workers offered better-paid jobs. This also aligns with recent
analyses by Sprumont et al. (2014), Yang et al. (2017), Rau et al. (2019), and Hrehova et al. (2023), who find a positive correlation
between job relocation and commuting time. Our estimates suggests that, among husbands, job changes relate to decreased
commuting, indicating a preference for shorter commutes, and that progress through husbands’ employment careers corresponds to
decreased commuting time. This contrasts with the estimates for wives, but is in line with estimates by von Behren et al. (2018) and
Pritchard and Frgyen (2019). Furthermore, the differential results for wives and husbands may indicate different preferences for
looking for workplaces in the city centre or in the cities’ periphery. Unfortunately, the PSID does not include the information for a
deeper analysis.

In addition, we do not find an impact of spousal job changes on commuting time, neither in general terms nor when differentiating
the change in wages when changing jobs, which aligns with the results by Morris and Zhou (2018) in China, who concluded that
spousal wages did not relate to changes in one’s commuting, and by Ghasri and Rashidi (2019) who find that spouses’ commuting
times are individual decisions in Australia. However, our estimates suggest that joint job changes relate to increased commuting time
for husbands, but do not relate to changes in commuting among wives. This result highlights the importance of considering the spouse
when analyzing commuting time, and also indicates the relevance of life events that may occur jointly.

Besides this, while van Ommeren et al. (1997) propose that correlations between job changes and commuting may be temporary
and linked to future residential moves, our US estimates suggest otherwise, at least in the mid-run (i.e., years t and t — 2). Unfortu-
nately, the PSID does not allow for a more extended observation of households over consecutive time periods to study whether these
results hold over a worker’s lifecycle or employment career. Additionally, the correlation may be influenced by intrahousehold dy-
namics, where a wife’s wage increase may enhance her bargaining power, potentially leading to a shift in household resources in the
mid-run, such as gaining access to the household car or decreased childcare responsibilities—factors not captured in our analysis.

Finally, our results indicate that residential moving is associated with increased commuting time for both husbands and wives, with
this result being robust for the specifications estimated. Potential explanations for this result may stem from urban forms in the US,

21 We focus on events at dates t — 2 and t because of the biennial nature of the data. Showing summary statistics in a longer-run (i.e., focusing on t —
4) would result in substantial sample size cuts.
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Table 6
Details on moving and job changes.

Mean S.Dev.
Simultaneous events (N = 5,443)
Husband and wife changed job at date t 0.068 0.252
Husband changed job at t and the household moved at date t 0.061 0.240
Wife changed job at t and the household moved at date t 0.066 0.248
Husband and wife changed job at date t, and moved at date t 0.033 0.180
Job change of the husband at date t — 2 (N = 2,904) 0.183 0.387
triggers a job change of the wife at date t 0.046 0.210
triggers moving at date t 0.049 0.215
triggers a job change of the wife at date t and moving at date t 0.019 0.137
A job change of the wife at date t — 2 (N = 2,904) 0.204 0.403
triggers a job change of the husband at date t 0.049 0.216
triggers moving at date t 0.054 0.226
triggers a job change of the husband at date t and moving at date t 0.019 0.136
Moving at date t — 2 (N = 5,443) 0.235 0.424
triggers a job change of the husband at date t 0.073 0.260
triggers a job change of the wife at date t 0.079 0.269
triggers a job change of both spouses at date t 0.035 0.184

Note: The sample (PSID 2011-2019) is restricted to two-member stable households with positive labor supply in consecutive
periods. Statistics computed using sample weights.

Table 7
Non-short-term effects.
m )
Variables Husbands Wives
(=1 G=2)
Job change of j at date t —0.233%** 0.091*
(0.057) (0.054)
Job change of j at date t — 2 —0.014 0.018
(0.056) (0.055)
Job change of —j at date t —0.028 —0.044
(0.051) (0.060)
Job change of —j at date t — 2 0.016 0.042
(0.052) (0.059)
Job change of j & —j at date t 0.306%** —0.013
(0.107) (0.113)
Job change of j & —j at date t—2 —0.042 0.022
(0.104) (0.110)
Moved at date t 0.043 0.104*
(0.054) (0.057)
Moved at date t — 2 —0.051 0.052
(0.054) (0.057)
Demographics Yes Yes
Household fixed effects Yes Yes
Year fixed effects Yes Yes
Observations 2,904 2,904
R-squared 0.384 0.373

Note: Robust standard errors clustered at the household level in parentheses. The sample (PSID
2011-2019) is restricted to two-member stable households with positive labor supply in consecutive
periods. Estimates computed using sample weights. The dependent variable is the change in the log of
commuting time, Alog(commuting). Additional coefficients shown in Table A6 in the Appendix. ***
significant at 1%; ** significant at 5%; * significant at 10%.

where households typically seek better amenities when moving, often located in the city outskirts (Blumenberg and King, 2019). In
contrast, urban patterns in other countries may differ, influencing commuting dynamics (Brueckner et al., 1999). This result is
consistent with previous analyses on the relationship between residential relocation and commuting, as moving relates to increased
commuting distance in the US (Blumenberg and King, 2019), and also in other countries (Akbari and Habib, 2018). However, our
results contrast with Clark et al. (2003) who investigated the specific case of Seattle, perhaps because of the specific case scenario of the
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analysis (e.g., Seattle specific urban form or the built environment) compared to the general case of the US.
8. Conclusions

This study examines the correlations between job changes and commuting time for husbands and wives, accounting for residential
relocations, household-specific factors, and unobserved heterogeneity, utilizing data from the PSID spanning the period 2011-2019.
Fixed-effects estimations yield several significant findings regarding the intricate interplay between job changes and the dynamics of
commuting times within households.

When husbands change jobs, a discernible reduction of approximately 15 % is observed in their commuting time. In contrast, when
wives experience job changes accompanied by a wage increase, their commuting time rises by around 11 %, with no notable impact on
commuting time for other job changes. Simultaneous job changes by spouses in the same time period coincide with a substantial
increase in husband commuting time, approximately 27 %. Heterogeneity in these correlations is further unveiled concerning
household composition and worker age. These findings contribute to the existing literature by exploring the dynamics of commuting
time within households, a dimension that has been previously underexplored due to the limited availability of household panel surveys
with detailed information on commuting times.

Our estimates indicate that households re-optimize commuting around job changes in gender-specific ways, with marked gender
asymmetries, and that residential moves in the US are associated with higher commuting times in the short-to-mid term. Furthermore,
our results also suggest that childcare constraints modulate these patterns. In this context, improving job-housing balance and transit
accessibility may curb the commuting increases associated with residential moves; employer policies that expand telework and flexible
scheduling can accommodate longer commutes following wage-increasing job changes; and childcare support can reduce the unequal
adjustments around wives’ job changes.

Despite the valuable insights gained, several limitations should be acknowledged. First, the PSID’s measurement of commuting
time relies on stylized questions, potentially introducing measurement errors, compared to more detailed time-use diaries. Second, the
absence of information on commuting distance, transportation modes, or carpooling limits our exploration of these aspects of
household commuting behavior. Specifically, commuting distance and commuting mode affect commuting time, and as a conse-
quence, our results cannot disentangle the underlying reasons behind changes in commuting time. Third, the dataset’s limited
availability of uninterrupted time series per household hinders a comprehensive analysis of the potential long-term correlation be-
tween job changes and commuting time in the context of future residential relocations. Fourth, the absence of data on specific reasons
for job changes impedes addressing potential endogeneity. Relatedly, the PSID lacks information on whether job changes trigger
residential moving or vice versa, preventing the identification of causal links, thus rendering our findings as conditional correlations
despite adjusting for observed and unobserved heterogeneity.

Despite these limitations, our study provides several important insights with significant policy implications, particularly con-
cerning commuting behaviors, telecommuting, and urban planning. Policies that encourage hybrid or remote work arrangements can
help mitigate the gendered effects of commuting, where women are more likely to endure longer commutes for higher wages. By
promoting telecommuting, workers, especially women, would gain greater flexibility in balancing job opportunities and commuting
burdens. Governments could support these efforts through tax incentives for employers in sectors where remote work is feasible, which
would not only reduce transportation costs and alleviate congestion but also contribute to more sustainable urban development.
Furthermore, investing in digital infrastructure, such as high-speed internet, is essential to ensure remote work can be effectively
integrated, particularly in suburban or rural areas.

From an urban planning perspective, planners should prioritize the development of non-centralized cities and residential areas with
better proximity between employment centers and housing. This approach would benefit families by reducing commuting burdens,
especially for husbands who tend to have shorter commutes. Additionally, expanding and improving public transportation infra-
structure, particularly in dense urban areas where origins and destinations are close allowing for reasonable travel times, would help
make longer commutes more feasible and less stressful for both spouses. While our study does not analyze commuting modes directly,
the evidence from urban planning suggests that improving public transit services, particularly in dense urban areas, would help
mitigate some of the increased commuting times observed with relocation. Increased frequency and connectivity, especially during
peak hours, would help reduce the reliance on private vehicles and improve overall commuting efficiency.

In recognition of the evolving dynamics of dual-career couples, policies should also be implemented to address their unique needs.
These could include dual-job placement services, childcare support, and spousal job-search assistance, enabling both partners to
pursue fulfilling careers without compromising family wellbeing. Alongside this, recruitment policies must be updated to be more
gender-inclusive, taking into account each partner’s career aspirations independently, as husbands’ job changes no longer exclusively
dictate wives’ job searches.

Addressing wage disparities is another crucial area. Women’s willingness to endure longer commutes for higher salaries suggests
the need to ensure equitable pay for comparable roles, thus reducing the need for such trade-offs. Urban planning should also
encourage balanced city development, focusing on creating residential areas with good access to employment centers, which would
benefit both genders by reducing commuting times and improving overall quality of life. Finally, to support more targeted policy
interventions, comprehensive data collection on commuting behaviors—including commuting distance, transportation modes, and
reasons for job changes—would provide a deeper understanding of commuting patterns and inform effective policy-making.
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Appendix A:. Additional results
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Fig. Al. Density of commuting time. Note: The sample (PSID 20112019) is restricted to two-member stable households with positive labor supply
in consecutive periods. Commuting time is measured in minutes per day.
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Fig. A2. Trends in commuting time in the US. Note: The sample (ATUS 20032021) is restricted to employed workers who commute to/from
work. Averages computed using sample weights. Commuting time represents the time spent commuting to and from work, and is measured in
minutes per day.

Table Al
Summary statistics of demographics.
Variables Husbands Wives Difference
G=1 (G=2) (husband — wife)
Mean S.Dev. Mean S.Dev. Diff. p-value
Demographics:
Age 44.606 10.834 43.035 10.663 1.572 0.000
Basic education 0.082 0.275 0.045 0.208 0.037 0.000
Secondary education 0.265 0.441 0.202 0.401 0.063 0.000
College education 0.463 0.499 0.495 0.500 —0.032 0.000
Higher education 0.190 0.392 0.258 0.438 —0.068 0.000
White 0.061 0.375 0.829 0.376 0.001 0.839
Black 0.079 0.270 0.068 0.252 0.011 0.008

Labor market outcomes

Hours of work (/1,000) 2.186 0.591 1.794 0.614 0.392 0.000
Hourly wage 34.629 29.593 26.542 22.235 8.087 0.000
Self-employed 0.089 0.284 0.054 0.227 0.034 0.000
Households
Mean S.Dev.
Immigrant household 0.136 0.342
Family size 3.276 1.213
Number of children 1.016 1.152
Age of youngest child 3.884 5.215
Housing type: house 0.847 0.360
Number of rooms 6.519 2.282
Tenure: home owned 0.804 0.397
Family income (/1,000) 134.004 98.908
Number of vehicles 2.456 0.969
Total obs. (households X waves) 8,013
Obs. with lagged data 5,443
Number of households 2,500

Note: The sample (PSID 2011-2019) is restricted to two-member stable households with positive labor supply in consecutive
periods. Statistics computed using sample weights.
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Table A2
Fixed effects joint estimates in details.
Plus interaction Occupation F.E.
(€8] ) 3) [©)]
Variables Husbands Wives Husbands Wives
=1 G=2) (=1 (=2
Job change of j —0.154%** 0.058 —0.149* 0.046
(0.039) (0.038) (0.039) (0.037)
Job change of —j —0.008 —0.029 —0.004 —0.034
(0.037) (0.040) (0.037) (0.039)
Job change of j & —j 0.416*** 0.011 0.425%** 0.024
(0.069) (0.069) (0.071)
Moved 0.084** 0.089** 0.214%**
(0.037) (0.038) (0.037) (0.038)
Demographics:
Age —0.030 —0.041 —0.022 —0.053**
(0.027) (0.027) (0.027) (0.027)
Age squared 0.020 0.043 0.012 0.054*
(0.028) (0.029) (0.028) (0.029)
j self-employed 0.212** —0.455%** 0.197* —0.417%**
(0.107) (0.105) (0.108) (0.106)
—j self-employed 0.221%** 0.288%** 0.208%* 0.357%**
(0.103) (0.110) (0.102) (0.110)
Family size —0.023 0.024 —0.018 0.026
(0.035) (0.037) (0.035) (0.036)
Number of children —0.022 —0.008 —0.020 —0.006
(0.039) (0.040) (0.039) (0.040)
Age of youngest child 0.005 0.004 0.004 0.003
(0.004) (0.004) (0.004) (0.004)
House type: house —0.269*** —0.175** —0.270%*** —0.183***
(0.067) (0.068) (0.066) (0.068)
Number of rooms 0.013 0.034%** 0.012 0.037***
(0.011) (0.011) (0.011) (0.011)
Home owned 0.230%** —0.026 0.235%** —0.035
(0.065) (0.067) (0.065) (0.066)
Family income —0.000 0.000 0.000 0.000
(0.000) (0.000) (0.000) (0.000)
Number of vehicles 0.066** 0.036 0.063** 0.038
(0.030) (0.031) (0.030) (0.030)
Change in n. vehicles —0.036* —0.041* —0.032 —0.041*
(0.020) (0.021) (0.020) (0.021)
Constant 0.683 0.750 0.741 0.812
(1.387) (1.410) (1.390) (1.408)
Household fixed effects Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes
Occupation fixed effects No No Yes Yes
Observations 5,443 5,443 5,443 5,443
R-squared 0.352 0.332 0.356 0.341

Note: Robust standard errors clustered at the household level in parentheses. The sample (PSID 2011-2019) is restricted to two-
member stable households with positive labor supply in consecutive periods. Estimates computed using sample weights. The
dependent variable is the change in the log of commuting time, Alog(commuting). *** significant at 1 %; ** significant at 5 %; *
significant at 10 %.

Note: Robust standard errors clustered at the household level in parentheses. The sample (PSID 2011-2019) is restricted to two-
member stable households with positive labor supply in consecutive periods. Estimates computed using sample weights. The
dependent variable is the change in the log of commuting time, Alog(commuting). *** significant at 1 %; ** significant at 5 %; *
significant at 10 %.
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Table A3
Job changes and the sign of wage shocks, additional coefficients.
@ (2
Variables Husbands Wives
G=1 (G=2)
Job change of j | Alog(wage;) > 0 —0.162%** 0.107**
(0.047) (0.044)
Job change of j | Alog(wage;) < 0 —0.145%*** —0.001
(0.047) (0.047)
Job change of —j | Alog(wage.) > 0 —-0.015 —0.024
(0.043) (0.048)
Job change of —j | Alog(wage.) < 0 0.001 —0.031
(0.046) (0.048)
Job change of j & —j 0.419%** 0.004
(0.069) (0.071)
Moved 0.084** 0.217%**
(0.037) (0.038)
Demographics
Age —0.030 —0.041
(0.027) (0.027)
Age squared 0.020 0.043
(0.028) (0.029)
j self-employed 0.211%* —0.433%**
(0.107) (0.106)
—j self-employed 0.218%* 0.293%**
(0.103) (0.110)
Family size —0.022 0.022
(0.035) (0.037)
Number of children —-0.023 —0.007
(0.039) (0.040)
Age of youngest child 0.005 0.004
(0.004) (0.004)
House type: house —0.269%** —0.170%*
(0.067) (0.068)
Number of rooms 0.013 0.034%**
(0.011) (0.011)
Home owned 0.230%*** —0.028
(0.065) (0.067)
Family income 0.000 0.000
(0.000) (0.000)
Number of vehicles 0.065** 0.038
(0.030) (0.031)
Change in n. vehicles —0.035* —0.041**
(0.020) (0.021)
Constant 0.684 0.737
(1.387) (1.409)
Household fixed effects Yes Yes
Year fixed effects Yes Yes
Observations 5,443 5,443
R-squared 0.352 0.333
Table A4
Heterogeneity, coefficient estimates.
Age cohorts Kids under 5 years
@ (2 3) “
Variables Husbands Wives Husbands Wives
=1 G=2) (=1 (=2
Job change of j —0.356%** 0.046 —0.167*** 0.099**
(0.066) (0.077) (0.043) (0.042)
Job change of jx gen X 0.373%** 0.056
(0.088) (0.093)
Job change of jx millenial 0.189* —0.059
(0.104) (0.104)
Job change of jx kids under 5 years 0.048 —0.192%*
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Age cohorts

Kids under 5 years

@ (@) 3 ]
Variables Husbands Wives Husbands Wives
=1 =2 G=1 =2
(0.084) (0.085)
Job change of —j 0.084 —0.073 0.029 —0.020
(0.069) (0.069) (0.041) (0.044)
Job change of —jx gen X —0.105 0.030
(0.085) (0.094)
Job change of —jx millenial —-0.140 0.093
(0.104) (0.101)
Job change of —jx kids under 5 years —0.165%* —0.066
(0.082) (0.086)
Job change of j & —j 0.244 0.183 0.396%** 0.082
(0.177) (0.169) (0.081) (0.083)
Job change of j & —jx gen X 0.106 —0.091
(0.204) (0.202)
Job change of j & —jx millenial 0.241 —0.285
(0.215) (0.204)
Job change of j & —jx kids under 5 years 0.097 —0.149
(0.150) (0.154)
Moved 0.113 0.098 0.086%* 0.195%**
(0.088) (0.093) (0.043) (0.044)
Moved x gen X —0.032 0.163
(0.103) (0.110)
Moved x millenial —0.032 0.138
(0.108) (0.109)
Moved x kids under 5 years 0.003 0.077
(0.072) (0.074)
Demographics
Age —0.029 —0.043 —0.030 —0.045*
(0.027) (0.027) (0.027) (0.027)
Age squared 0.019 0.046 0.021 0.048*
(0.028) (0.029) (0.028) (0.029)
j self-employed 0.184* —0.460%** 0.202* —0.471%**
(0.107) (0.105) (0.107) (0.105)
—j self-employed 0.228%* 0.289%** 0.214%* 0.300%**
(0.103) (0.110) (0.103) (0.110)
Family size —0.027 0.021 —0.023 0.027
(0.035) (0.037) (0.035) (0.037)
Number of children —0.021 —0.004 —0.019 0.004
(0.039) (0.040) (0.039) (0.040)
Age of youngest child 0.005 0.003 0.005 0.003
(0.004) (0.004) (0.004) (0.004)
House type: house —0.264*** —0.177** —0.270%** —0.179%**
(0.067) (0.069) (0.067) (0.069)
Number of rooms 0.012 0.034%** 0.014 0.034%**
(0.011) (0.011) (0.011) (0.011)
Home owned 0.231%** —0.034 0.228%** —0.025
(0.065) (0.067) (0.065) (0.067)
Family income —0.000 0.000 —0.000 0.000
(0.000) (0.000) (0.000) (0.000)
Number of vehicles 0.072%* 0.037 0.068%* 0.039
(0.030) (0.031) (0.030) (0.030)
Change in n. vehicles —0.037* —0.040* —0.037* —0.042%*
(0.020) (0.021) (0.020) (0.021)
Constant 0.700 0.803 0.714 0.842
(1.385) (1.411) (1.387) (1.408)
Household fixed effects Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes
Observations 5,443 5,443 5,443 5,443
R-squared 0.355 0.333 0.352 0.334

Note: Robust standard errors clustered at the household level in parentheses. The sample (PSID 2011-2019) is restricted to two-
member stable households with positive labor supply in consecutive periods. Estimates computed using sample weights. The
dependent variable is the change in the log of commuting time, Alog(commuting). Reference for age cohorts: boomers (born before
1965). Gen X defined as those born between 1965 and 1980. Millenials defined as those born after 1980. *** significant at 1 %; **

significant at 5 %; * significant at 10 %.
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Excluding movers

(€] 2) 3) 5)
Variables Husbands Wives Husbands Husbands
(=1 (=2 (=1 (=1
Job change of j —0.151%** 0.055 X 0.062
(0.039) (0.038) (0.044) (0.040)
Job change of —j —0.009 —0.023 0.009 —0.063
(0.037) (0.040) (0.042) (0.042)
Job change of j & —j 0.429%** 0.044 0.324%** —0.045
(0.069) (0.071) (0.091) (0.087)
Moved - - - -
Demographics
Age —0.032 —0.049* —0.019 —0.024
(0.027) (0.027) (0.030) (0.029)
Age squared 0.022 0.051* 0.013 0.024
(0.028) (0.029) (0.031) (0.030)
j self-employed 0.218%** —0.462%** 0.177 —0.312%**
(0.107) (0.106) (0.130) (0.111)
—j self-employed 0.219%* 0.302%** 0.187 0.236*
(0.103) (0.110) (0.115) (0.125)
Family size —0.022 0.026 —-0.012 0.011
(0.035) (0.037) (0.038) (0.037)
Number of children —0.025 —0.014 —0.008 —0.055
(0.039) (0.040) (0.042) (0.041)
Age of youngest child 0.005 0.003 0.003 0.009%*
(0.004) (0.004) (0.004) (0.004)
House type: house —0.259%** —0.149%* —0.359%** —0.118
(0.066) (0.068) (0.093) (0.089)
Number of rooms 0.013 0.034%** 0.010 0.034%**
(0.011) (0.011) (0.013) (0.012)
Home owned 0.221%%* —0.048 0.278%%* 0.037
(0.065) (0.067) (0.101) (0.098)
Family income 0.000 0.000 0.000 0.000*
(0.000) (0.000) (0.000) (0.000)
Number of vehicles 0.066** 0.037 0.105%** 0.035
(0.030) (0.031) (0.032) (0.031)
Change in n. vehicles —0.036* —0.041* —0.067*** —0.031
(0.020) (0.021) (0.022) (0.021)
Constant 0.822 1.153 0.346 0.268
(1.387) (1.413) (0.754) (0.692)
Household fixed effects Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes
Observations 5,443 5,443 4,191 4,191
R-squared 0.351 0.328 0.375 0.404

Note: Robust standard errors clustered at the household level in parentheses. The sample (PSID 2011-2019) is restricted to two-member
stable households with positive labor supply in consecutive periods. Estimates computed using sample weights. The dependent variable is
the change in the log of commuting time, Alog(commuting). *** significant at 1 %; ** significant at 5 %; * significant at 10 %.

Table A6
Non-short-term effects, additional coefficients.
(€] (2) 3 “@

Variables Husbands G=1 Wives (G=2)
Job change of j at date t —0.233%** (0.057) 0.091* (0.054)
Job change of j at date t — 1 —-0.014 (0.056) 0.018 (0.055)
Job change of —j at date t —0.028 (0.051) —0.044 (0.060)
Job change of —j at date t -1 0.016 (0.052) 0.042 (0.059)
Job change of j & —j at date t 0.306%** (0.107) —0.013 (0.113)
Job change of j & —jatdatet—1 —0.042 (0.104) 0.022 (0.110)
Moved at date t 0.043 (0.054) 0.104* (0.057)
Moved at date t — 1 —0.051 (0.054) 0.052 (0.057)
Demographics
Age 0.089** (0.045) —0.063 (0.047)
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Table A6 (continued)

o 2) ®3) @

Variables Husbands G=1 Wives (G=2)
Age squared —0.112** (0.046) 0.082* (0.049)
Jj self-employed 0.607%** (0.199) —0.428%** (0.150)
—j self-employed 0.458%** (0.143) 0.716%** (0.210)
Family size —0.121** (0.049) —0.104** (0.052)
Number of children —0.057 (0.055) 0.132%* (0.058)
Age of youngest child 0.005 (0.006) 0.002 (0.006)
House type: house —0.197** (0.094) —0.163* (0.099)
Number of rooms 0.004 (0.015) 0.013 (0.016)
Home owned 0.501%** (0.100) —0.193* (0.106)
Family income —0.000 (0.000) 0.000 (0.000)
Number of vehicles 0.015 (0.043) 0.009 (0.045)
Change in n. vehicles —0.013 (0.028) —0.022 (0.029)
Constant —3.679** (1.596) 1.781 (1.629)
Household fixed effects Yes Yes

Year fixed effects Yes Yes

Observations 2,904 2,904

R-squared 0.384 0.373

Note: Robust standard errors clustered at the household level in parentheses. The sample (PSID 2011-2019) is restricted to two-
member stable households with positive labor supply in consecutive periods. Estimates computed using sample weights. The
dependent variable is the change in the log of commuting time, Alog(commuting). *** significant at 1 %; ** significant at 5 %; *
significant at 10 %.

Data availability

Data will be made available on request.
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