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 A B S T R A C T

This study examines how individuals in the US allocate time to financial activities and how these activities 
relate to their well-being. Using data from the American Time Use Survey (ATUS), we find that financial tasks 
occupy a minimal share of daily time — averaging just 8.3 minutes — yet are associated with elevated stress 
and low happiness. Despite their negative emotional valence, financial activities are perceived as meaningful. 
Regression analyses reveal that time spent on financial tasks increases with education and income, and varies 
by gender, employment status, and race. Furthermore, affective experiences during financial activities differ 
significantly across sociodemographic lines: men and older individuals report more negative emotions, while 
higher education is linked to improved emotional outcomes. These findings allow us to test several hypotheses 
proposed in previous financial research and highlight the cognitive and emotional demands of everyday 
financial management.
1. Introduction

In a context of growing economic complexity and individual re-
sponsibility for financial decision-making, a pressing higher-order prob-
lem is emerging: the unequal distribution of time available for fi-
nancial management, and its role in reproducing socioeconomic in-
equality. As governments retreat from welfare provision and financial 
markets become more sophisticated, individuals must make increas-
ingly consequential decisions about savings, investments, pensions, and 
debt (Campbell, 2006; Lusardi and Mitchell, 2014). Yet, the ability to 
make informed financial choices is not only constrained by knowledge 
or preferences, but also by the time individuals can dedicate to these 
cognitively demanding tasks. Time, unlike information, is an inherently 
scarce and unequally distributed resource—particularly across income, 
education, and gender lines (Aguiar and Hurst, 2007; Guryan et al., 
2008; Bianchi et al., 2012). Those in lower socioeconomic strata often 
face greater time scarcity due to inflexible jobs, multiple roles, and 
chronic stress (Jacobs and Gerson, 2004; Schor, 1992), leaving them 
less equipped to navigate financial systems effectively. This tempo-
ral inequality can exacerbate wealth gaps and entrench disadvantage 
over time (Merz and Rathjen, 2014), especially as financial mistakes 
have long-term, compounding effects (Lusardi and Mitchell, 2014). 
Moreover, digital financial technologies, often heralded as tools for 
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inclusion, may amplify these disparities if they assume universal access 
to time, attention, and literacy (Gomber et al., 2018). Understanding 
who has the time to manage their financial lives — and who doesn’t 
— is therefore critical not only for individual welfare but also for 
designing equitable economic policy. Without addressing the temporal 
dimension of financial capability, interventions risk reinforcing the very 
inequalities they aim to reduce.

Classical economic theory suggests that individuals are rational 
agents who allocate their scarce time and money across competing uses 
in order to maximize utility, subject to constraints such as income, 
time availability, and prices (Becker, 1965; Deaton, 1992). Within this 
framework, engaging in financial decision-making — such as budget-
ing, saving, or comparing credit products — can be understood as both 
a consumption activity that provides immediate psychological benefits 
(e.g., a sense of control) and as an investment in future outcomes 
(e.g., higher returns or reduced risk) (Behrman et al., 2012; Van Rooij 
et al., 2011). However, empirical research increasingly shows that 
actual financial behaviors often deviate from this rational agent model. 
Individuals frequently under-save for retirement, make suboptimal bor-
rowing decisions, or fail to diversify assets, even when the stakes are 
high (Campbell, 2006). These patterns suggest that cognitive limita-
tions, time constraints, and inadequate financial literacy are central to 
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understanding how people navigate financial tasks. While financial lit-
eracy — defined as the knowledge and skills required to make informed 
and effective financial decisions — has been positively linked to better 
outcomes such as savings, wealth accumulation, and reduced financial 
distress (Lusardi and Mitchell, 2014; Hastings et al., 2013), its dis-
tribution is highly unequal, mirroring broader socioeconomic divides. 
Moreover, literacy alone is often insufficient: its benefits are condi-
tioned by the availability of time and attention, which shape whether 
and how financial knowledge is put into practice (Bucher-Koenen et al., 
2019). Additionally, emerging forms of financial behavior, such as 
investment in cryptocurrencies, further highlight the important role 
of financial literacy. For instance, recent evidence shows that young 
individuals with lower financial literacy are more likely to perceive Bit-
coin as a legitimate currency rather than a speculative asset—especially 
when combined with distrust in traditional financial institutions and 
familiarity with digital platforms (Cascavilla, 2024). These findings 
underscore the importance of enhancing financial education, particu-
larly among younger cohorts increasingly exposed to complex, high-risk 
financial products. Thus, financial capability must be understood as a 
multifaceted construct that includes knowledge, motivation, and the 
time and cognitive bandwidth to act.

Behavioral economics extends the standard model by incorporating 
bounded rationality, cognitive overload, and systematic biases into 
decision-making frameworks. Individuals may suffer from limited at-
tention, procrastination, and inertia, especially when facing complex 
and unfamiliar financial products (Mullainathan and Shafir, 2013; 
Thaler, 1994; Benartzi and Thaler, 2004). Time scarcity exacerbates 
these effects, as people with less discretionary time are more likely 
to rely on heuristics or defer decisions altogether (Bertrand et al., 
2004; Shah et al., 2012). For instance, financial decisions often require 
effortful comparison and delayed gratification, but present bias leads 
individuals to overweight short-term costs and underweight long-term 
benefits (Laibson, 1997). Moreover, decision fatigue and information 
overload can reduce the quality of financial choices over time (Hir-
shleifer et al., 2019). Recent cross-national research highlights the 
importance of psychological traits — such as self-control and future 
time perspective — in explaining both current financial stress and 
expected financial security (van Raaij et al., 2023). Related work also 
shows that conscientiousness and material values play a significant 
role: individuals with high conscientiousness tend to manage money 
more effectively, while those who place a strong emotional value on 
possessions often avoid financial management, possibly due to the 
psychological discomfort it generates (Donnelly et al., 2012). These 
findings suggest that financial behavior is shaped not only by economic 
incentives and internal traits, but also by the cognitive and temporal 
resources individuals can mobilize—resources that are unequally dis-
tributed and help perpetuate socioeconomic disparities (Hastings et al., 
2013).

The institutional framework in the United States places a dispro-
portionate burden on individuals to ensure their financial well-being, 
making personal financial management not just a private task but a 
structural necessity. Unlike in many European countries with stronger 
welfare systems and centralized social insurance, the U.S. relies heav-
ily on market-based mechanisms that demand active and informed 
individual participation. Defined-contribution retirement plans such 
as 401(k)s, the patchwork of employer-sponsored and private health 
insurance options, and the widespread reliance on consumer credit 
all require households to make high-stakes decisions with long-term 
implications (Campbell, 2006; Beshears et al.; Madrian, 2014). For 
example, employees must choose how much to contribute to retirement 
accounts, how to allocate their portfolios, and when to withdraw funds, 
often without adequate guidance or expertise (Benartzi and Thaler, 
2004; Lusardi and Mitchell, 2011). In healthcare, individuals navi-
gate complex insurance plans, deductibles, and co-payments, and poor 
decisions can lead to catastrophic financial consequences (Finkelstein 
et al., 2012). Similarly, easy access to credit can be both enabling and 
2 
dangerous, as households may overborrow or mismanage repayment 
schedules (Mian and Sufi, 2014). These institutional features amplify 
the importance of financial engagement but also exacerbate inequality 
by penalizing those with fewer resources, less education, or limited 
time to devote to such decisions. As a result, the cost of disengagement 
is not evenly distributed: it is often the most disadvantaged who 
suffer the harshest penalties from financial missteps (Hastings et al., 
2013). This structure renders financial decision-making both a site 
of opportunity and a mechanism of exclusion, thereby deepening the 
socioeconomic divides it purports to help manage.

This study investigates time use and subjective well-being associated 
with financial activities — such as paying bills, managing household 
budgets, and interacting with financial institutions — highlighting 
an often overlooked dimension of financial capability. We draw on 
the American Time Use Survey (ATUS), a nationally representative 
dataset collected by the U.S. Bureau of Labor Statistics and the U.S. 
Census Bureau, which provides detailed 24-hour time diaries reporting 
how individuals allocate time across various daily activities, alongside 
contextual information including location, co-presence, and emotional 
state (Krueger et al., 2009). Additionally, we utilize the ATUS Well-
Being Module (2010, 2012, 2013, 2021) to capture self-reported emo-
tional experiences during randomly selected diary episodes, offering a 
richer understanding of affective profiles linked to daily activities (Kah-
neman et al., 2004). The empirical strategy combines descriptive statis-
tics with regression models to analyze the demographic, socioeconomic, 
and well-being correlates of time spent on financial management tasks. 
Ordinary least squares (OLS) regressions are estimated for time allo-
cation, where the dependent variable is minutes dedicated to financial 
activities, and key independent variables include income, education, 
employment status, and household composition; models also incorpo-
rate state and year fixed effects to account for geographic and temporal 
variation (Krueger et al., 2009). To examine subjective well-being 
(SWB) during financial activities, we estimate linear regressions on 
happiness, stress, and meaningfulness ratings (0–6 scale), adjusting 
for episode characteristics such as duration, activity type, presence of 
others, and individual covariates, enabling analysis of differences by 
gender, income, and family responsibilities (Kahneman et al., 2004).

Our results reveal substantial socioeconomic and demographic dis-
parities in both the time devoted to financial activities and the emo-
tional experience associated with them. Individuals with higher edu-
cation and income levels spend significantly more time on financial 
tasks and report lower levels of stress, tiredness, and pain while doing 
so—highlighting the role of human capital and financial security in 
facilitating financial engagement. In contrast, women not only devote 
more time but also experience greater emotional strain during finan-
cial episodes, even after accounting for employment, education, and 
income, pointing to persistent gendered divisions in financial respon-
sibilities. We also observe meaningful differences by race, age, and 
marital status, suggesting that financial inclusion, social support, and 
work experience can buffer some of the emotional burden linked to 
financial management. Overall, financial activities rank among the 
least enjoyable parts of daily life, perceived as more stressful and less 
meaningful than other activities, including objectively demanding ones 
such as paid work or childcare.

One key contribution of this study is to foreground time spent on 
financial activities — such as paying bills, budgeting, and banking — 
as a critical yet underexplored dimension of economic behavior. Tra-
ditional surveys often focus on income, assets, or expenditures but fail 
to capture the time costs of managing finances, which are essential for 
understanding financial capability and economic inequality (Campbell, 
2006; Lusardi and Mitchell, 2014; Meuris and Gladstone, 2023). By 
leveraging detailed activity diaries from the American Time Use Survey 
(ATUS), this paper sheds light on how individuals allocate time to 
financial management and how this varies by socioeconomic status, 
providing new insights into the invisible labor of economic life.
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A second key contribution of this paper is the integration of subjec-
tive well-being (SWB) data from multiple waves of the ATUS Well-Being 
Modules (2010, 2012, 2013, and 2021) into the analysis of financial 
activities. While prior research has linked psychological traits such 
as self-control, future time perspective, and personality to financial 
well-being outcomes — including money management stress and fu-
ture financial security (van Raaij et al., 2023; Donnelly et al., 2012) 
— few studies have examined how financial tasks are experienced 
emotionally in daily life. Using activity-level measures of happiness, 
stress, and meaningfulness, this study explores the affective profile 
of financial management activities such as bill paying and budgeting, 
revealing whether these tasks contribute positively or negatively to 
financial well-being. Our findings show that emotional experiences vary 
by socioeconomic status, gender, and family responsibilities, echoing 
evidence that cognitive constraints and financial literacy shape both 
financial perceptions and behaviors (Cascavilla, 2024). By situating 
financial decision-making within the lived emotional experience, this 
work advances the understanding of financial well-being as a multi-
dimensional construct that includes not only objective outcomes but 
also the emotional costs and benefits of financial engagement. This 
perspective supports calls for interventions that consider psychological 
and emotional factors alongside knowledge and access, particularly for 
vulnerable groups facing time scarcity and cognitive overload. Overall, 
this contribution bridges behavioral economics and financial psychol-
ogy to enrich the literature on financial well-being with real-time 
affective data from a representative population.

The remainder of the paper is structured as follows. Section 2 
reviews key hypotheses from the literature regarding the allocation of 
time to financial activities and their relationship to individual well-
being, and outlines how these hypotheses will be empirically tested. 
Section 3 describes the data and sample construction, drawing on 
the American Time Use Survey and its Well-Being Modules. Section 4 
presents the empirical strategy, including the regression specifications 
used to analyze both time allocation and affective experience. Sec-
tion 5 reports the main results, focusing on the demographic correlates 
of financial activity and the emotional valence associated with such 
tasks. Finally, Section 6 concludes by summarizing the findings and 
discussing their implications for economic behavior, financial inclusion, 
and well-being research.

2. Hypotheses

This study examines how time spent on financial activities and the 
emotional experience associated with them vary across demographic 
and socioeconomic groups. We propose five hypotheses, each rooted in 
theoretical and empirical literature on financial behavior, time use, and 
subjective well-being.

• Hypothesis 1: Reactive Financial Management under Re-
source Constraints

Statement: Individuals in lower income brackets spend more time 
on reactive financial activities — such as budgeting, bill payment, and 
short-term financial monitoring — as a coping mechanism to manage 
limited resources.

Rationale: Financial stress among low-income households often ne-
cessitates increased engagement in short-term financial management 
to cope with binding constraints and income volatility. Prior research 
shows that budgeting and monitoring behaviors are more prevalent 
among resource-constrained individuals as a way to retain control and 
reduce financial strain (Xiao and O’Neill, 2018). Importantly, this form 
of reactive financial coping differs conceptually from proactive finan-
cial engagement, such as long-term planning, saving, and investment 
decisions, which tend to increase with income, age, and asset complex-
ity. Our hypothesis therefore focuses on short-term, necessity-driven 
financial behaviors rather than strategic or wealth-building financial 
activities.
3 
• Hypothesis 2: Emotional Burden of Financial Activities De-
creases with Financial Capability

Statement: Individuals with higher educational attainment or income 
experience less stress and more meaning during financial activities, 
reflecting greater financial capability.

Rationale: The theory of financial capability suggests that knowl-
edge, confidence, and access to financial tools reduce the cognitive 
and emotional toll of financial decision-making (Lusardi and Mitchell, 
2011). Individuals with higher education or income may be better 
equipped to manage finances efficiently and with less stress.

• Hypothesis 3: Gender Differences in Financial Engagement 
Reflect Division of Labor Rather than Capability

Statement: Women spend more time on financial activities than 
men, even after controlling for employment and income, indicating 
role-based differences rather than capability gaps.

Rationale: Gendered divisions of labor within households may lead 
women to assume more responsibility for day-to-day financial manage-
ment, regardless of education or income (Pahl, 1989).

• Hypothesis 4: The Emotional Cost of Financial Activities is 
Higher for Older Adults

Statement: Older individuals report greater negative affect during 
financial activities due to cognitive and emotional fatigue associated 
with complex decisions.

Rationale: Cognitive aging can make financial tasks more emo-
tionally taxing, particularly under conditions of complexity and un-
certainty. Behavioral economics highlights that bounded rationality 
and decision fatigue may intensify with age (Agarwal et al., 2009). 
Thus, older adults may report more stress or fatigue during financial 
activities, even when they are relatively simple.

• Hypothesis 5: Time Spent on Financial Activities Predicts 
Subjective Financial Capability

Statement: Individuals who allocate more time to financial activities 
perceive those activities as more meaningful, suggesting a subjective 
sense of capability or control.

Rationale: According to the Knowledge-Behavior-Opportunity (KBO) 
framework (Atkinson and Messy, 2007), financial capability is not only 
about knowledge but also about engagement. Spending more time 
on financial tasks could reflect greater involvement and confidence, 
leading to a higher sense of meaning. Alternatively, excessive time 
might signal stress or complexity, lowering perceived control.

3. Data, sample and variables

This study uses data from the American Time Use Survey (ATUS), 
a nationally representative dataset jointly administered by the U.S. 
Bureau of Labor Statistics and the U.S. Census Bureau. Since 2003, the 
ATUS has collected detailed 24-hour time diaries from individuals aged 
15 and older, documenting how they allocate their time across a wide 
range of activities, including work, caregiving, leisure, and household 
responsibilities. Each respondent reports all activities undertaken from 
4:00 a.m. on the previous day to 4:00 a.m. on the interview day, along 
with contextual information such as who else was present, the location, 
and — for a subset of years — emotional experience during those 
episodes. The ATUS also includes rich demographic and socioeconomic 
information, allowing for disaggregated analysis by income, education, 
employment, and family characteristics. We restrict the analysis to 
individuals with complete information on socio-demographic and time 
use characteristics.

To capture engagement with personal finance, we use the ATUS 
activity codes (e.g., activity) that classify the main activities done by 
respondents during the day. Specifically, time spent on tasks such 
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as paying bills, managing bank accounts, budgeting, filing taxes, or 
handling financial paperwork is coded under activity codes 20901 
‘‘Financial management’’, 20902 ‘‘Household and personal organization 
and planning’’, 80201 ‘‘Banking’’, 80202 ‘‘Using other financial ser-
vices’’, 80203 ‘‘Waiting associated with banking or financial services’’, 
80299 ‘‘Using financial services and banking, n.e.c.’’, 100103 ‘‘Obtain-
ing licenses and paying fines, fees, or taxes’’ and 180802 ‘‘Travel related 
to using financial services and banking’’. This coding allows us to isolate 
episodes that reflect active financial management by respondents, a 
dimension often underrepresented in standard economic datasets. To 
analyze the time individuals devote to financial activities, we aggregate 
the total duration of episodes associated with these activity codes at the 
diary level by summing the time spent across all relevant episodes.1

In addition to recording the nature of daily activities, the ATUS 
includes a Well-Being Module (ATUS-WB) administered in the years 
2010, 2012, 2013, and 2021. This module randomly selects three 
activities per respondent and asks them to retrospectively evaluate their 
emotional experience during those episodes. The well-being questions 
measure subjective states using a 0 to 6 scale, including feelings of 
happiness, stress, sadness, pain, tiredness and how meaningful the 
activity felt (Kahneman et al., 2004; Krueger et al., 2009).2 By linking 
these affective reports to the corresponding activity codes, we are 
able to analyze the emotional valence of financial activities relative to 
other time uses. This feature of the ATUS-WB offers a unique lens on 
the welfare implications of financial management beyond traditional 
economic outcomes.

We define several socio-demographic characteristics that have been 
shown to be important in time allocation decisions (Aguiar and Hurst, 
2007; Guryan et al., 2008; Gimenez-Nadal and Sevilla, 2012): gender 
(male=1, female=0), age, working full-time (1,0), retired (1,0), edu-
cation (less than high school degree, high school degree, more than 
high school degree), Hispanic origin (1,0), Married/cohabiting (1,0), 
ethnic origin (White, Black, American Indian, Asian, Pacific Islander, 
other races), household size, number of children in the household, 
age of youngest child in the household, and household income. To 
construct the household income variable, we use a categorical in-
come measure reported in the dataset, which included a range of 
16 income brackets. Respondents reported their total family income 
before taxes, grouped into the following categories: less than $5000; 
$5000 to $7499; $7500 to $9999; $10,000 to $12,499; $12,500 to 
$14,999; $15,000 to $19,999; $20,000 to $24,999; $25,000 to $29,999; 
$30,000 to $34,999; $35,000 to $39,999; $40,000 to $49,999; $50,000 
to $59,999; $60,000 to $74,999; $75,000 to $99,999; $100,000 to 
$149,999; and $150,000 and over.3

In analyzing individuals’ emotional experiences during daily activ-
ities, it is crucial to account for contextual factors that may systemat-
ically influence reported well-being. First, the duration of the activity 
can affect emotional responses due to adaptation, fatigue, or enjoyment 
saturation (Kahneman et al., 2004; Stone et al., 2010). Longer engage-
ments may intensify or diminish affect, depending on the activity’s 
nature. Second, with whom the activity is performed (co-presence) 

1 We also analyze the time devoted to other non-financial activities. Fol-
lowing Aguiar and Hurst (2007) and Gimenez-Nadal and Sevilla (2012), 
we analyze the following activities: personal care, paid work, housework, 
childcare, adult care, study, and leisure. Activity codes included in each 
activity are shown in Table A1 in Appendix A.

2 The information on well-being for activities is obtained from a question 
with a seven-point scale that asks how happy/sad/tired/much pain/much 
stress the respondent felt during the activity. This information is collected for 
three randomly selected activities for each respondent. For activities to be eli-
gible for selection, they must be at least five minutes in duration and may not 
include the following ACTIVITY codes: sleeping (0101xx), grooming (0102xx), 
personal activities (0104xx), refusal (500105), do not know (500106).

3 Observations with missing or unreported values of the variables of interest 
were excluded from the analysis to ensure data quality and consistency.
4 
Table 1
Time devoted to activities, minutes per day.
 Mean SD  
 Personal care 651.98 (155.75) 
 Leisure 341.87 (228.66) 
 Market work 228.24 (280.36) 
 Housework 143.41 (155.79) 
 Childcare 32.80 (84.87)  
 Study 28.36 (111.50) 
 Financial activities 8.30 (34.17)  
 Adult care 5.04 (25.86)  
 Number of observations 191,038

Notes: Standard deviations in parentheses. All statistics are weighted using the 
individual diary weights provided in the dataset. The sample comprises individuals who 
are the household heads in the 2003–2023 ATUS. The time devoted to daily activities 
is measured in minutes per day. Table A1 in Appendix A describes the activity codes 
included in each daily activity; an in-depth description of the ATUS activity codes 
can be found in www.atusdata.org. Table A2 in Appendix A shows the main socio-
demographic characteristics of the sample.

is a well-documented determinant of experienced utility: individuals 
tend to report higher happiness and meaning when accompanied by 
close family or friends, and more negative emotions when alone or 
with non-voluntary company (Kahneman et al., 2004; Krueger et al., 
2009). Third, the location of the activity also matters: activities at 
home, in nature, or in leisure-specific settings are often associated with 
higher affective states than those in workplaces or transit environ-
ments (MacKerron and Mourato, 2013; Golder and Macy, 2011). Ne-
glecting these variables risks conflating the intrinsic emotional content 
of the activity with these contextual moderators. Following previous 
work we control for these features to isolate the net association between 
specific activities and emotional states (Giménez-Nadal et al., 2019).

Table  1 presents descriptive statistics on time use for our sample 
of 191,038 respondents drawn from the American Time Use Survey 
(ATUS). On average, individuals allocate most of their time to personal 
care activities, including sleep and grooming (652 min per day), fol-
lowed by leisure (342 min), market work (228 min), and housework 
(143 min). Time spent on childcare, studying, financial activities, and 
adult care is considerably lower, averaging fewer than 35 min per 
day. The sample is evenly split by gender, and the average age is 45. 
Educational attainment is relatively high, with more than half of the 
respondents having completed tertiary education. The racial composi-
tion is predominantly White (81%), with Black individuals representing 
12%, and smaller shares of other racial groups. Regarding household 
structure, the average household size is three members, and there are 
on average 0.73 children under the age of 18 per household. Income 
distribution shows significant heterogeneity: while a sizeable propor-
tion of the population reports annual family incomes below $30,000, 
approximately 37% of individuals report incomes above $75,000. These 
figures reflect substantial variation in both socio-demographic profiles 
and time allocation across the population, underscoring the need to 
consider these differences when analyzing subjective well-being and 
time use patterns.

Table  2 provides summary statistics of subjective well-being
indicators — happiness, sadness, pain, tiredness, stress, and sense of 
meaning — across different daily activities, ranked from the highest 
to the lowest average happiness.4 On average, individuals report the 

4 The analysis focuses on individuals who provided well-being information 
for at least one episode during the years 2010, 2012, 2013, and 2021. The 
unit of analysis is the episode, with each respondent contributing, on average, 
approximately three episodes. Summary statistics for this restricted sample 
are presented in Table A3 in Appendix A. We acknowledge the potential 
influence of COVID-19 on emotional responses. We provide an appendix table 
(Table A5) reporting affect scores for the pre-COVID period (years 2010, 2012, 
and 2013) and the post-COVID period (year 2021), including average values, 

https://www.atusdata.org/
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Table 2
Average reported feelings by activity type.
 Activity Happiness Sadness Pain

 Mean SD Mean SD Mean SD  
 Childcare (n = 6468) 4.97 (1.35) 0.42 (1.17) 0.66 (1.39) 
 Personal care (n = 19,431) 4.55 (1.60) 0.62 (1.38) 0.97 (1.70) 
 Leisure (n = 30,226) 4.47 (1.60) 0.65 (1.39) 1.00 (1.70) 
 Adult care (n = 1070) 4.43 (1.53) 0.79 (1.52) 0.85 (1.53) 
 Housework (n = 26,568) 4.29 (1.65) 0.59 (1.32) 1.05 (1.70) 
 Market work (n = 11,327) 3.96 (1.56) 0.69 (1.34) 0.87 (1.49) 
 Financial activities (n = 1576) 3.85 (1.73) 0.90 (1.53) 1.16 (1.81) 
 Study (n = 1205) 3.66 (1.61) 0.65 (1.19) 0.59 (1.29) 
 Activity Tiredness Stress Meaning

 Mean SD Mean SD Mean SD  
 Childcare (n = 6468) 2.38 (1.93) 1.38 (1.72) 5.31 (1.31) 
 Personal care (n = 19,431) 2.15 (1.95) 1.20 (1.73) 4.43 (1.83) 
 Leisure (n = 30,226) 2.28 (1.97) 1.01 (1.60) 4.06 (1.96) 
 Adult care (n = 1070) 2.29 (2.03) 1.54 (1.85) 4.32 (2.01) 
 Housework (n = 26,568) 2.22 (1.93) 1.31 (1.73) 4.35 (1.85) 
 Market work (n = 11,327) 2.43 (1.87) 2.34 (1.88) 4.33 (1.75) 
 Financial activities (n = 1576) 2.26 (1.93) 1.94 (1.90) 4.44 (1.82) 
 Study (n = 1205) 3.03 (1.76) 2.49 (1.75) 4.21 (1.75) 
Notes: Standard deviations in parentheses. All statistics are weighted using the 
individual diary weights provided in the dataset. The sample comprises individuals who 
reported well-being for at least one episode in the 2010, 2012, 2013, or 2021 waves of 
the ATUS Well-being Module. The table presents average values for six affective states 
— happiness, sadness, pain, tiredness, stress, and meaningfulness — measured during 
daily activities. Each feeling is recorded on a 0–6 scale, where 0 denotes the absence 
of the feeling and 6 indicates its maximum intensity. The analytic sample consists of 
66,947 time-use episodes from 27,238 respondents with valid well-being data.

highest levels of happiness during childcare (mean = 4.97) and leisure 
(4.47), and the lowest during study (3.66) and financial activities 
(3.85), highlighting a potential emotional burden associated with fi-
nancially and academically demanding tasks. Stress levels are notably 
higher during study (2.49), market work (2.34), and financial activities 
(1.94), compared to leisure (1.01), personal care (1.20), or house-
work (1.31). Although pain levels during financial activities (1.16) are 
similar to those during housework (1.05) and personal care (0.97), 
sadness (0.90) and stress (1.94) are elevated, suggesting a distinct 
emotional profile for financial decision-making. Interestingly, the sense 
of meaning reported during financial activities (4.44) is relatively 
high, surpassed only by childcare (5.31), and comparable to adult care 
(4.32) and market work (4.33), indicating that while these tasks may 
be emotionally taxing, they are perceived as purposeful. These find-
ings align with existing literature highlighting the complex emotional 
nature of economically consequential tasks (Kahneman et al., 2004; 
Krueger et al., 2009), and underscore the importance of incorporating 
activity-specific emotional measures in models of utility and labor 
supply.5

4. Empirical strategy

Our empirical approach consists of regression analysis to examine 
the demographic, socioeconomic, and well-being correlates of time 

standard deviations, and differences in means with their statistical significance. 
Differences in feelings during activities are not statistically significant in all 
but one case, suggesting that pooling the data across the two periods is 
appropriate.

5 The simultaneous presence of higher mean pain and higher mean hap-
piness in certain activity categories reflects the multidimensional nature of 
affective experience. Activities such as personal care or leisure may in-
volve physical discomfort or fatigue (e.g., exercise or physically demanding 
tasks) while also being emotionally rewarding or enjoyable. By contrast, 
study-related activities tend to involve lower physical discomfort but also 
lower immediate positive affect. These affective dimensions are not mutually 
exclusive and can co-occur within the same activity episode.
5 
devoted to financial tasks. First, to analyze time allocation, we estimate 
ordinary least squares (OLS) regressions where the dependent variable 
is the number of minutes per day spent on financial management 
activities. The key independent variables include income, education, 
employment status, and household composition. To control for geo-
graphic and temporal heterogeneity, we include state and year fixed 
effects, following Krueger et al. (2009). We estimate the following OLS 
model: 
Time𝑖𝑠𝑡 = 𝛽0 + 𝛽1X𝑖𝑠𝑡 + 𝛾𝑠 + 𝛿𝑡 + 𝜀𝑖𝑠𝑡, (1)

where Time𝑖𝑠𝑡 denotes the minutes spent on daily activities by indi-
vidual 𝑖 in state 𝑠 at time 𝑡, X𝑖𝑠𝑡 is a vector of socio-demographic 
characteristics of individual 𝑖 in state 𝑠 at time 𝑡, 𝛾𝑠 are state fixed 
effects, 𝛿𝑡 are year fixed effects, and 𝜀𝑖𝑠𝑡 is the error term.

The vector of socio-demographic characteristics X𝑖𝑠𝑡 includes vari-
ables that will allow us to contrast our results with hypotheses es-
tablished in previous literature: family income and education (H1: 
Individuals in lower income brackets or with lower education spend 
more time on financial activities), and gender (H3: Women spend more 
time on financial activities than men, indicating role-based differences).

Second, to investigate the subjective well-being (SWB) associated 
with financial activities, we estimate linear regression models with 
well-being indicators — such as happiness, stress, and meaningfulness 
— as dependent variables. These outcomes are measured on a 0–6 
scale. Consistent with previous studies (Kahneman et al., 2004), we 
adjust for episode characteristics (including duration, activity type, 
and presence of others) as well as individual-level covariates. This 
specification allows us to assess whether financial activities exhibit 
distinctive affective profiles and to explore heterogeneity by gender, 
income, and family responsibilities. We estimate the following OLS 
model6: 
SWB𝑖𝑗𝑡 = 𝛼0 + 𝛽1Activity𝑖𝑗𝑡 + 𝛽2X𝑖𝑠𝑡 + 𝛽3ep𝑖𝑗𝑡 + 𝛾𝑠 + 𝛿𝑡 + 𝑢𝑖𝑗𝑡, (2)

where SWB𝑖𝑗𝑡 is the well-being measure reported by individual 𝑖 dur-
ing episode 𝑗 at time 𝑡, Activity𝑖𝑗𝑡 is an indicator for engaging in 
non-financial activities, separated by activity type, X𝑖𝑠𝑡 is a vector of 
socio-demographic characteristics of individual 𝑖 in state 𝑠 at time 𝑡, 
ep𝑖𝑗𝑡 includes episode-specific controls (e.g., duration, activity type, 
presence of others), 𝛾𝑠 are state fixed effects, 𝛿𝑡 are year fixed effects, 
and 𝑢𝑖𝑗𝑡 is the error term.

This specification allows us, first, to compare the well-being of 
individuals during financial activities relative to other daily activities. 
By netting out observed socio-demographic differences and specifying 
financial activities as the reference category in the OLS regressions, we 
can interpret the estimated coefficients as differences in reported well-
being relative to financial tasks. In this context, 𝛽1 captures the average 
difference in well-being reported during other daily activities compared 
to financial activities.

Furthermore, the vectors of socio-demographic characteristics (X𝑖𝑠𝑡) 
and episode characteristics (ep𝑖𝑗𝑡) will allow us to contrast our re-
sults with hypotheses established in previous literature: family income 
and education (H2: Individuals with higher educational attainment 
or income experience less stress and more meaning during financial 
activities), age (H4: Older individuals report greater negative affect 
during financial activities), and episode duration (H5: Individuals who 
allocate more time to financial activities perceive those activities as 
more meaningful).

All regression models are estimated using robust standard errors 
to account for heteroskedasticity. In addition, we apply the individual 
(regression (1) and episode-level (regression (2)) weights provided by 
the survey to ensure that the estimates are representative of the target 
population and account for the complex sampling design of the data.

6 The dependent variables in Eq.  (2) are ordinal (0–6 scale). For robustness, 
we also estimated Ordered Probit models (Wooldridge, 2016). Results are 
virtually identical to the OLS estimates, and all main conclusions hold. OLS is 
retained as the main specification due to the straightforward interpretability 
of its coefficients (Ordered Probit results are reported in Appendix Table A4).
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5. Results

The results in Table  3 provide strong evidence of socioeconomic dis-
parities in the time devoted to financial activities. Contrary to hypoth-
esis H1, individuals with higher educational attainment and income 
report significantly more time on these activities. Specifically, those 
with a university degree spend approximately 4.94 more minutes per 
day, which represents an increase of 59.5% relative to the daily average 
of 8.30 min. This suggests that education equips individuals with the 
skills, confidence, or awareness needed to engage more actively in 
financial matters. Income-related patterns also do not align with H1: 
while individuals in the lowest income brackets do not differ signifi-
cantly from the reference group (those earning less than $5000), those 
in middle and upper-income categories dedicate increasingly more time 
to financial activities. For instance, those earning $75,000–$99,999 
spend 3.04 more minutes, a 36.6% increase relative to the mean, and 
those earning over $150,000 spend 3.74 more minutes, or 45.1% above 
the average. These findings indicate that higher-income individuals are 
more engaged in financial activities, potentially due to increased finan-
cial complexity, opportunities for investment, or greater awareness of 
financial tools.

Gender differences are also notable and lend strong support to hy-
pothesis H3. Being male is associated with a 1.79-minute reduction in 
daily time spent on financial activities—equivalent to a 21.6% decrease 
compared to the average. This is a substantial difference, suggesting 
that women, on average, bear a disproportionate share of responsibility 
for managing household finances. Notably, this gender gap persists 
even after controlling for factors such as employment status, education, 
household size, and income. This implies that the observed differences 
are not merely structural but may reflect persistent gender norms or 
intra-household role differentiation, where women take on more of the 
planning, budgeting, or administrative financial tasks.

Other demographic characteristics also reveal meaningful dispari-
ties. Being White is associated with a 4.91-minute increase, or 59.2% 
more time than the average, while identifying as Black, American 
Indian, or Other races is also positively associated with time spent, 
though to a lesser extent (e.g., 2.34 min for Black individuals, or 28.2% 
more). These racial differences may stem from variations in financial 
inclusion, household financial roles, or the need to actively manage 
constrained resources.7 Household size is negatively associated with 
financial time use: each additional household member corresponds to 
a 0.52-minute reduction, or 6.3% less time, and having more chil-
dren under 18 is linked to a 0.55-minute increase, or 6.6% more 
time—perhaps due to the added complexity of family-related financial 
planning. Interestingly, being retired is linked to a small yet statistically 
significant reduction of 0.03 min, which, although marginal (0.4%), 
is consistent with reduced financial activity post-retirement. Taken 
together, these patterns underscore the unequal distribution of financial 
engagement across socioeconomic, gender, and racial lines.

The results in Table  4 reveal that individuals with higher income 
and educational attainment experience financial activities with signifi-
cantly lower levels of stress, tiredness, and pain—suggesting differences 
not only in exposure but also in the emotional cost of engaging with 
financial matters. Compared to financial activities, most other daily 

7 The analysis of sociodemographic differences across racial and ethnic 
groups shows substantial variation in education and family income, with 
Black, American Indian, and Pacific Islander individuals exhibiting lower 
average socio-demographic characteristics and Asian individuals exhibiting 
higher socio-demographic characteristics relative to White individuals. Such 
imbalances in group sizes and socio-demographic distributions can complicate 
interpretation and raise concerns about sensitivity to model specification. 
To address this, we estimate nested models that sequentially add education 
and income controls, and the main race/ethnicity coefficients remain stable, 
indicating that the findings are not driven solely by compositional differences 
in income or education. Results are available upon request.
6 
Table 3
Time in financial activities (minutes per day).
 (1) (2)  
 Socio-Demographics Family income (2)  
 Male −1.79*** $5000 to $7499 −0.34  
 (0.20) (0.86)  
 Age 0.16*** $7500 to $9999 −0.24  
 (0.04) (0.74)  
 Age squared −0.09** $10,000 to $12,499 −0.93  
 (0.04) (0.68)  
 Working full-time −3.56*** $12,500 to $14,999 −0.65  
 (0.26) (0.70)  
 Secondary education 1.96*** $15,000 to $19,999 0.29  
 (0.28) (0.67)  
 University education 4.94*** $20,000 to $24,999 0.33  
 (0.28) (0.61)  
 Hispanic −1.37*** $25,000 to $29,999 1.03  
 (0.26) (0.63)  
 Married 0.19 $30,000 to $34,999 1.77*** 
 (0.23) (0.62)  
 White 4.92*** $35,000 to $39,999 1.13*  
 (1.20) (0.63)  
 Black 2.34* $40,000 to $49,999 1.96*** 
 (1.22) (0.62)  
 American Indian 2.77** $50,000 to $59,999 2.17*** 
 (1.33) (0.63)  
 Asian 0.51 $60,000 to $74,999 2.29*** 
 (1.23) (0.60)  
 Pacific Islander 1.42 $75,000 to $99,999 3.04*** 
 (1.95) (0.59)  
 Other races 6.04*** $100,000 to $149,999 3.21*** 
 (1.57) (0.62)  
 Retired 3.04*** $150,000 and over 3.74*** 
 (0.53) (0.67)  
 Household size −0.52*** – –  
 (0.12) – –  
 Number of children <18 0.55*** – –  
 in household (0.15) – –  
 Age of youngest child −0.02 – –  
 (0.02) – –  
 Constant −3.24*
 (1.66)

 Year fixed effects Yes
 State fixed effects Yes
 Observations 191,038
 R-squared 0.017

Notes: Robust standard errors in parentheses. All statistics are weighted using the 
individual diary weights provided in the dataset. The sample comprises individuals 
who are the household heads in the 2003–2023 ATUS. The time devoted to daily 
activities is measured in hours per day, and is computed by dividing by 7 the original 
minutes per day reported by the individuals. * p < 0.1, ** p < 0.05, *** p < 0.01.

activities are associated with more positive and less negative emotional 
experiences. For example, leisure and personal care episodes are linked 
to markedly higher happiness and lower stress. The increase in hap-
piness during leisure activities is about 0.45 units, which corresponds 
to roughly 26% of a standard deviation in happiness, indicating a 
meaningful improvement over financial activities.

Likewise, the reduction in stress during housework — about 0.36 
units — amounts to roughly 19% of a standard deviation, a non-trivial 
decrease relative to the average stress level during financial tasks. 
Childcare, while more tiring, stands out as a particularly meaningful 
activity, with an increase in perceived meaning of approximately 0.76 
units, or 42% of a standard deviation, highlighting a clear contrast with 
the relatively neutral affective profile of financial episodes. Overall, 
these comparisons underline that financial activities are among the 
least enjoyable and most stressful parts of daily life, even relative to 
objectively demanding tasks such as childcare or market work.

Turning to socio-economic characteristics, the findings largely sup-
port the hypothesis that individuals with higher income or education 
experience financial activities less negatively. For example, individuals 
with university education report notably lower levels of pain, tiredness, 
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Table 4
Feelings during financial activities.
 (1) (2) (3) (4) (5) (6)  
 Happiness Sadness Pain Tiredness Stress Meaning  
 Episode characteristics
 Personal care 0.45*** −0.06 0.01 −0.07 −0.36*** 0.16**  
 (0.06) (0.05) (0.06) (0.07) (0.06) (0.07)  
 Housework 0.27*** −0.13*** −0.03 −0.03 −0.35*** 0.08  
 (0.06) (0.05) (0.06) (0.07) (0.06) (0.07)  
 Childcare 0.61*** −0.18*** −0.16*** 0.14* −0.30*** 0.76***  
 (0.06) (0.05) (0.06) (0.08) (0.07) (0.07)  
 Adult care 0.22** 0.00 −0.06 0.26** −0.17* 0.12  
 (0.09) (0.07) (0.08) (0.11) (0.10) (0.11)  
 Market work 0.10 0.00 0.02 0.20*** 0.19*** 0.13*  
 (0.06) (0.05) (0.06) (0.08) (0.07) (0.07)  
 Study −0.24*** −0.06 −0.18** 0.63*** 0.56*** 0.46***  
 (0.08) (0.07) (0.08) (0.10) (0.09) (0.10)  
 Leisure 0.45*** −0.09* −0.07 0.06 −0.53*** 0.00  
 (0.06) (0.05) (0.06) (0.07) (0.06) (0.07)  
 Duration −0.01 0.02*** 0.04*** 0.00 0.06*** 0.02***  
 (0.01) (0.00) (0.01) (0.01) (0.01) (0.01)  
 Socio-demographic characteristics
 Male −0.13*** −0.06*** −0.07*** −0.34*** −0.19*** −0.11*** 
 (0.01) (0.01) (0.01) (0.02) (0.02) (0.02)  
 Age −0.01*** 0.04*** 0.07*** 0.01** 0.04*** 0.05***  
 (0.00) (0.00) (0.00) (0.00) (0.00) (0.00)  
 Age squared 0.02*** −0.04*** −0.06*** −0.02*** −0.04*** −0.04*** 
 (0.00) (0.00) (0.00) (0.00) (0.00) (0.00)  
 Working full-time 0.10*** −0.18*** −0.32*** 0.23*** −0.14*** 0.01  
 (0.02) (0.02) (0.02) (0.02) (0.02) (0.02)  
 Secondary education 0.00 −0.18*** −0.21*** −0.13*** −0.13*** 0.07**  
 (0.03) (0.02) (0.03) (0.03) (0.03) (0.03)  
 University education −0.12*** −0.22*** −0.32*** −0.10*** 0.01 −0.08*** 
 (0.03) (0.02) (0.03) (0.03) (0.03) (0.03)  
 Hispanic 0.23*** 0.06*** −0.06** −0.12*** −0.06** 0.38***  
 (0.02) (0.02) (0.02) (0.03) (0.03) (0.03)  
 Married 0.15*** −0.10*** −0.12*** −0.08*** −0.09*** 0.10***  
 (0.02) (0.02) (0.02) (0.02) (0.02) (0.02)  
 White 0.35 −0.18 −0.15 −0.37 0.30 −0.75*** 
 (0.34) (0.25) (0.22) (0.25) (0.24) (0.20)  
 Black 0.54 −0.14 −0.22 −0.56** 0.14 −0.36*  
 (0.34) (0.25) (0.22) (0.26) (0.25) (0.20)  
 American Indian 0.21 −0.25 −0.14 −0.35 0.26 −0.68*** 
 (0.35) (0.26) (0.23) (0.27) (0.26) (0.22)  
 Asian 0.38 −0.05 −0.20 −0.61** 0.19 −0.55*** 
 (0.34) (0.25) (0.22) (0.26) (0.25) (0.20)  
 Pacific Islander 0.82** −0.33 −0.09 −0.68** 0.29 −0.29  
 (0.36) (0.27) (0.30) (0.31) (0.30) (0.26)  
 Other races 0.24 −0.08 0.10 −0.23 0.45* −0.58*** 
 (0.35) (0.26) (0.23) (0.26) (0.25) (0.21)  
 Retired 0.04 −0.14*** −0.17*** −0.18*** −0.17*** −0.03  
 (0.03) (0.02) (0.03) (0.03) (0.03) (0.03)  
 Household size 0.02*** 0.01 0.03*** 0.04*** 0.01 0.03***  
 (0.01) (0.01) (0.01) (0.01) (0.01) (0.01)  
 Number of children <18 0.00 −0.03*** −0.04*** −0.01 0.02 0.00  
 (0.01) (0.01) (0.01) (0.02) (0.01) (0.01)  
 Age of youngest child −0.01*** −0.00*** 0.00 0.00 −0.00** −0.01*** 
 (0.00) (0.00) (0.00) (0.00) (0.00) (0.00)  
 (continued on next page)
and stress during financial episodes. The reduction in pain is approxi-
mately 0.32 units, equivalent to 18% of a standard deviation, while the 
drop in tiredness is about 0.10 units, or 5% of a standard deviation, 
suggesting that better-educated individuals experience slightly reduced 
emotional burden when handling financial matters. Similarly, those 
in the highest income bracket report a modest reduction in stress of 
around 0.38 units, roughly 20% of a standard deviation, compared to 
individuals with lower income. While these groups do not consistently 
report higher levels of meaning, they clearly experience fewer negative 
emotions, supporting the idea that financial security and cognitive 
resources mitigate the emotional cost of financial activities.

Age is also associated with increased emotional costs of financial 
tasks. Older individuals report slightly more sadness, stress, and pain 
during financial episodes. For instance, the increase in stress associated 
7 
with age is about 0.04 units per year, corresponding to roughly 2% 
of a standard deviation, which is modest but may accumulate over 
time. In contrast, longer financial episodes are associated with greater 
perceived meaning — an increase of 0.02 units per unit of duration, or 
approximately 1% of a standard deviation — indicating that dedicating 
more time to financial tasks may reflect engagement or perceived 
importance.

Other demographic differences are informative as well. Male re-
spondents report lower levels of stress, tiredness, and pain during 
financial activities (e.g., a reduction in stress of 0.34 units, about 18% 
of a standard deviation), while also reporting slightly lower meaning. 
Married individuals experience somewhat more happiness (0.15 units, 
9% of a standard deviation) and lower stress (0.08 units, 4% of a 
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Table 4 (continued).
 (1) (2) (3) (4) (5) (6)  
 Happiness Sadness Pain Tiredness Stress Meaning 
 Family income
 $5000 to $7499 −0.05 0.19*** 0.46*** 0.12 0.14 −0.01  
 (0.08) (0.07) (0.09) (0.10) (0.09) (0.09)  
 $7500 to $9999 0.05 0.21*** 0.50*** 0.08 0.03 0.02  
 (0.07) (0.06) (0.07) (0.09) (0.08) (0.08)  
 $10,000 to $12,499 −0.10 0.16*** 0.20*** 0.17** 0.09 −0.05  
 (0.07) (0.06) (0.07) (0.08) (0.08) (0.08)  
 $12,500 to $14,999 −0.07 0.16*** 0.28*** 0.07 −0.08 −0.04  
 (0.07) (0.05) (0.06) (0.08) (0.07) (0.08)  
 $15,000 to $19,999 −0.03 0.12** 0.27*** 0.19** −0.01 0.08  
 (0.06) (0.05) (0.06) (0.07) (0.07) (0.07)  
 $20,000 to $24,999 0.00 0.08* 0.10* 0.03 −0.09 0.10  
 (0.06) (0.05) (0.06) (0.07) (0.07) (0.07)  
 $25,000 to $29,999 −0.04 0.05 −0.04 0.00 −0.16** −0.06  
 (0.06) (0.05) (0.05) (0.07) (0.06) (0.07)  
 $30,000 to $34,999 −0.01 0.04 0.01 0.00 −0.17** −0.03  
 (0.06) (0.05) (0.06) (0.07) (0.06) (0.07)  
 $35,000 to $39,999 0.03 −0.04 −0.10* −0.04 −0.16** 0.02  
 (0.06) (0.05) (0.06) (0.07) (0.07) (0.07)  
 $40,000 to $49,999 0.05 −0.06 −0.06 −0.01 −0.19*** 0.00  
 (0.06) (0.04) (0.05) (0.07) (0.06) (0.07)  
 $50,000 to $59,999 0.06 −0.09** −0.21*** −0.05 −0.29*** −0.04  
 (0.06) (0.04) (0.05) (0.07) (0.06) (0.07)  
 $60,000 to $74,999 0.03 −0.11*** −0.19*** −0.01 −0.26*** −0.04  
 (0.06) (0.04) (0.05) (0.07) (0.06) (0.07)  
 $75,000 to $99,999 0.04 −0.10** −0.21*** −0.02 −0.21*** −0.07  
 (0.06) (0.04) (0.05) (0.07) (0.06) (0.07)  
 $100,000 to $149,999 −0.01 −0.19*** −0.33*** −0.14** −0.29*** −0.15**  
 (0.06) (0.04) (0.05) (0.07) (0.06) (0.07)  
 $150,000 and over −0.02 −0.15*** −0.38*** −0.13* −0.21*** −0.16**  
 (0.06) (0.04) (0.05) (0.07) (0.06) (0.07)  
 Constant 3.39*** 0.36 −0.09 2.99*** 0.91*** 2.89***  
 (0.36) (0.27) (0.24) (0.29) (0.27) (0.24)  
 Year FE Yes Yes Yes Yes Yes Yes  
 State FE Yes Yes Yes Yes Yes Yes  
 Location FE Yes Yes Yes Yes Yes Yes  
 With whom FE Yes Yes Yes Yes Yes Yes  
 Observations 97,889 97,889 97,889 97,889 97,889 97,889  
 R-squared 0.06 0.04 0.087 0.042 0.07 0.092  
Notes: Robust standard errors in parentheses. All statistics are weighted using the weights provided in the dataset. The sample 
comprises episodes from individuals who reported well-being for at least one episode in the 2010, 2012, 2013, or 2021 waves 
of the ATUS Well-being Module. The analytic sample consists of 33,264 respondents with valid well-being data. * p < 0.1, **
p <0.05, *** p < 0.01.
standard deviation), suggesting that social support may buffer some of 
the stress inherent in financial decision-making.

Race and ethnicity are also linked to emotional experiences. His-
panic respondents report higher perceived meaning during financial 
activities (0.23 units, 13% of a standard deviation), while differences 
for other racial groups are smaller or not consistently significant. Those 
working full-time report lower stress, sadness, and pain compared 
to non-employed respondents, which may reflect greater exposure, 
financial literacy, or control over financial tasks.

We include an interaction between gender and full-time employ-
ment status to account for potential heterogeneity in financial time use 
and emotional experiences arising from gendered patterns of labor mar-
ket participation. Given persistent gender gaps in employment intensity 
and working hours, full-time employment may constrain discretionary 
time differently for men and women, thereby shaping both the time 
allocated to financial activities and the subjective experience associated 
with them. This interaction allows us to assess whether observed gender 
differences reflect not only gender per se, but also differential exposure 
to time constraints linked to labor market attachment.8

8 We also tested an interaction between gender and family income to 
examine whether gender differences in financial time use and emotional 
experiences vary across socioeconomic status, reflecting potentially different 
constraints and opportunities faced by low- and high-income men and women. 
However, this interaction was not statistically significant and did not affect the 
8 
Table  5 shows the results of estimating Eqs. (1) and (2) by including 
an interaction term between gender (e.g., male) and working full-time. 
We observe that the negative association between being male and time 
devoted to financial activities is significantly attenuated among full-
time workers, as indicated by the positive and statistically significant 
interaction term. This indicates that gender differences in financial time 
use are partly mediated by labor market attachment, with the gender 
gap being larger among those not working full-time, consistent with the 
idea that differential access to employment may shape time allocation 
patterns. In terms of emotional experiences, the interaction results show 
that full-time working men report higher happiness and meaning and 
lower stress during financial activities compared to women and non-
full-time workers, suggesting that both gender and employment status 
jointly shape the emotional context of financial decision-making.

6. Conclusions

Understanding how individuals allocate time to financial activities 
is critical to assessing both economic behavior and financial well-
being. Despite the increasing complexity of financial decision-making 

main results; therefore, it is not included in the main specification. Results are 
available upon request.
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Table 5
Time in financial activities and feelings, differences by work status and gender.
 (1) (2) (3) (4) (5) (6) (7)  
 Time Happiness Sadness Pain Tiredness Stress Meaning  
 in financial  
 activities  
 Male −2.27*** −0.17*** −0.05*** −0.07*** −0.34*** −0.15*** −0.18*** 
 (0.32) (0.020) (0.017) (0.020) (0.024) (0.022) (0.024)  
 Working full-time −4.03*** 0.06*** −0.16*** −0.32*** 0.22*** −0.10*** −0.06**  
 (0.32) (0.021) (0.018) (0.021) (0.027) (0.024) (0.026)  
 Male × Working full-time 0.96** 0.08*** −0.03 0.00 0.01 −0.08*** 0.15***  
 (0.40) (0.028) (0.022) (0.026) (0.034) (0.030) (0.033)  
 Socio-Demographics controls Yes Yes Yes Yes Yes Yes Yes  
 Episode-level controls No Yes Yes Yes Yes Yes Yes  
 Year fixed effects Yes Yes Yes Yes Yes Yes Yes  
 State fixed effects Yes Yes Yes Yes Yes Yes Yes  
 Observations 191,038 97,889 97,889 97,889 97,889 97,889 97,889  
 R-squared 0.017 – – – – – –  
Notes: Robust standard errors in parentheses. All statistics are weighted using the individual diary weights provided in the dataset. The sample 
used in Column (1) comprises individuals who are the household heads in the 2003–2023 ATUS. The time devoted to daily activities is measured 
in hours per day, and is computed by dividing by 7 the original minutes per day reported by the individuals. The sample used in Columns (2) 
to (7) comprises episodes from individuals who reported well-being for at least one episode in the 2010, 2012, 2013, or 2021 waves of the 
ATUS Well-being Module. The analytic sample consists of 27,238 respondents with valid well-being data. * p < 0.1, ** p < 0.05, *** p < 0.01.
in modern economies, limited research has explored how socioeco-
nomic and demographic characteristics influence time spent on these 
activities. This paper addresses that gap by analyzing time-use di-
ary data from a large, nationally representative sample. We focus on 
identifying disparities across gender, income, education, and other 
sociodemographic factors, testing key hypotheses related to resource 
constraints and role-based specialization. By quantifying time spent in 
financial activities, we offer new insights into an underexplored but 
economically meaningful domain of household behavior.

Our results reveal striking heterogeneity in financial time use. In-
dividuals with university education spend nearly 60% more time on 
financial activities than the average, and those in higher income brack-
ets similarly devote more time—up to 45% more among those earning 
over $150,000. These patterns suggest that financial engagement is pos-
itively associated with both educational attainment and economic re-
sources, consistent with the notion that financial complexity and oppor-
tunity scale with socioeconomic status. In contrast, men spend 21.6% 
less time on financial activities than women, suggesting persistent 
gender roles in financial management. Racial disparities are also pro-
nounced: for instance, White individuals spend nearly twice the sample 
average on financial tasks, indicating potential structural or informa-
tional barriers among minority groups. Taken together, the results 
demonstrate that time spent managing finances is unevenly distributed 
and systematically patterned along key demographic dimensions.

Our work also explores the implications of financial activity time 
use for individual well-being. We find that financial tasks are among the 
least emotionally rewarding parts of daily life, associated with higher 
levels of stress, tiredness, and pain, and lower levels of happiness and 
perceived meaning compared to most other activities. However, these 
emotional costs are not uniformly distributed: individuals with higher 
education or income experience significantly less negative affect during 
financial episodes, suggesting that cognitive and financial resources 
can mitigate their emotional burden. Conversely, older individuals and 
women tend to report more stress and discomfort, while married indi-
viduals and those employed full-time exhibit more positive emotional 
profiles during these tasks, likely reflecting the protective effects of 
social and economic support.

These findings carry important policy implications. The clear gradi-
ent in financial time use by income and education suggests that finan-
cial literacy programs may not only need to be expanded but also more 
precisely targeted to individuals who are less likely to engage with 
financial matters. Encouraging financial participation among lower-
income and less-educated populations may help close gaps in financial 
preparedness and resilience. Furthermore, the gender gap underscores 
9 
the importance of designing policies that recognize and address intra-
household financial roles, potentially offering support mechanisms for 
the hidden labor often performed by women in managing household 
finances.

The elevated levels of stress, tiredness, and discomfort reported 
during financial activities — particularly among individuals with lower 
income and education — suggest that efforts to enhance financial liter-
acy should be not only more accessible but also tailored to the cognitive 
and emotional needs of vulnerable populations. Programs that incorpo-
rate practical guidance, emotional support, and behaviorally informed 
design are likely to be more effective. The fact that women report both 
greater involvement and higher emotional strain highlights the need 
to recognize and alleviate gendered burdens in household financial 
management, potentially through tools that facilitate shared financial 
planning or through the integration of financial support services into 
broader social assistance programs. Moreover, the persistent disparities 
in emotional experiences across age and employment status indicate 
that financial education and services should be responsive to the life 
cycle, with particular attention to older adults and those outside the 
labor force. More broadly, these results suggest that policies aimed at 
financial inclusion should move beyond access and usage metrics to 
also consider the emotional costs of engaging with financial systems. 
Incorporating subjective well-being indicators into the evaluation of 
financial interventions could provide a more comprehensive assessment 
of their effectiveness and help design systems that are not only more 
equitable but also more humane.

Our study is not without limitations. The cross-sectional nature of 
the data limits our ability to make causal claims about the relationship 
between sociodemographic characteristics and financial time use. It 
is also possible that unobserved heterogeneity — such as personality 
traits, financial literacy, or cultural norms — may confound some of 
the observed associations. Moreover, time-use diaries, while rich in 
behavioral detail, may be subject to reporting biases. In particular, 
we acknowledge that the relationship examined in Hypothesis 5 is 
subject to potential reverse causality: individuals who already perceive 
financial activities as meaningful or who feel more financially capable 
may be more inclined to devote greater time to these tasks, rather 
than increased time investment necessarily leading to higher perceived 
meaning or control. As such, our estimates should be interpreted as cap-
turing associations rather than causal effects. Future work using panel 
data, experimental designs, or instrumental variable strategies could 
help establish causality and better disentangle the mechanisms driving 
these time-use patterns. Nonetheless, this paper offers an important first 
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step in understanding the determinants of financial activity engage-
ment and sets the foundation for richer analysis of its implications for 
well-being and policy design.

A further limitation of our analysis is that we cannot directly 
account for the role of digital access or digital literacy in shaping both 
the time devoted to financial management and the associated emotional 
experience. Although the increasing use of online banking, mobile 
payments, and financial apps is likely to influence how individuals 
engage with financial tasks and how they feel while doing so, the 
American Time Use Survey does not provide a general indicator of 
whether activities were performed using the internet or a computer. 
Technology use is only captured implicitly through specific activity 
codes, which prevents a systematic identification of digital mediation 
across a broad range of activities. Future research would benefit from 
combining time-use data with information on internet access, digital 
skills, or the use of financial technologies, in order to better understand 
how digitalization shapes time allocation and well-being in financial 
decision-making.

In addition, emerging digital and AI-based tools — particularly 
large language model (LLM) assistants — may fundamentally alter how 
individuals experience financial activities. By lowering cognitive costs, 
simplifying complex tasks, and providing real-time guidance, these 
technologies have the potential to preserve the perceived meaning of 
financial engagement while reducing associated stress, fatigue, and 
discomfort. Importantly, their benefits may not be uniform: individuals 
with lower education, income, or financial literacy may gain dispro-
portionately from such tools, potentially narrowing existing disparities 
in both financial engagement and well-being. Future research should 
examine how the adoption of AI-driven financial assistance affects time 
allocation, emotional experiences, and distributional outcomes across 
socioeconomic and demographic groups.
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